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Abstract

How did the COVID-19 pandemic affect public attitudes toward international trade?
In this study, we argue that the pandemic promoted protectionist sentiment in the
United States. Based on cross-sectional and panel data, we find a substantial increase
in Americans’ opposition to trade following the outbreak of the pandemic. This height-
ened opposition was both long-lasting and pervasive, cutting across demographic, eco-
nomic, and partisan lines. We also find that experiencing a personal pandemic shock
stemming from contracting the Coronavirus or suffering economically from the pan-
demic contributed to rising hostility to trade. Further, the effect of such shocks was
driven primarily by Republicans, a result that accords with partisan motivated reason-
ing.
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Introduction

The COVID-19 pandemic had adverse economic consequences throughout the world and in

the United States. The virus—together with physical distancing, travel bans, and other

policies designed to prevent its spread—plunged the U.S. economy into a recession, shutting

down entire industries and leaving tens of millions of people unemployed. It also contributed

to a steep reduction in international economic activity, hampering both U.S. imports and

exports. Yet beyond its influence on the flow of trade, how did the pandemic affect mass at-

titudes about international trade? We argue that COVID-19 contributed to greater hostility

toward trade throughout society, and that individuals who experienced a personal health or

economic shock stemming from the Coronavirus were particularly likely to oppose overseas

commerce.

Two key problems that we face in testing this argument are that the spread of the

coronavirus was: (1) fast and highly consequential, giving rise to various collateral events

and political developments; and (2) not randomly assigned across the U.S. population, but

influenced by people’s behavior and compliance with social distancing, masking, and other

risk-reduction measures, especially in the long term. Individual characteristics determine the

extent to which people follow public health directives, which in turn affects the probability

of exposure to health and economic shocks related to the pandemic. The first problem

renders it difficult to isolate the outbreak from other events. The second complicates any

effort to isolate individuals’ exposure to COVID-19 from unobserved characteristics that

independently affect trade preferences.

We use two empirical strategies to address these empirical challenges. First, we lever-

age exceptionally extensive daily data on Americans’ attitudes toward foreign trade before

and immediately after the start of the pandemic. This strategy facilitates a focus on the

narrow window of time around the pandemic’s outbreak, before other potentially influential
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events occurred that might have shaped the mass public’s views on trade. Focusing on this

initial stage of the public health crisis also removes differences in observed and unobserved

characteristics between those who were exposed to personal health or economic pandemic

shocks and those who did not experience such shocks. Second, we use a panel data-set that

tracks U.S. citizens before and after the outbreak. We compare individuals who experienced

personal pandemic shocks to those who did not in a difference-in-differences (DiD) frame-

work and find that both groups exhibit parallel trajectories of anti-trade shifts before the

pandemic, but a significant divergence following the outbreak.

Consistent with our argument, we find that anti-trade sentiment grew nationwide as re-

ported cases of COVID-19 rose in the U.S. during 2020. There was a striking increase in pro-

tectionist attitudes regardless of gender, race, partisanship, education, income, employment,

and the flow of imports to an individual’s community. Further, this rise in protectionism

was persistent, enduring at least until the start of 2021.

Our results also confirm that personal shocks stemming from the pandemic contributed

to these attitudes. Both contracting the coronavirus and economic hardship due to COVID-

19 significantly increased opposition to trade. Moreover, the effect of these personal shocks

was driven by partisanship. Such shocks gave rise to much more antipathy to trade among

Republicans than Democrats, a finding that we attribute to partisan motivated reasoning

and selective blame attribution (Bisgaard, 2015). In addition, we find that even among

individuals who did not suffer a personal shock, Republicans grew more protectionist than

Democrats, and that anti-Asian sentiment promoted anti-trade attitudes.

Our study adds to the growing literature on the political implications of pandemics

(Gadarian, Goodman, and Pepinsky, 2022; Grossman et al., 2020; Ash et al., 2022). It

also contributes to the growing literature on mass attitudes toward international trade (e.g.,

Scheve and Slaughter, 2001; Mayda and Rodrik, 2005; Hainmueller and Hiscox, 2006; Mans-

field and Mutz, 2009; Mutz, 2021). More specifically, it adds to our knowledge of how crises
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affect trade policy and public attitudes toward foreign commerce, an issue that has been

understudied to date (Milner, 1999; Mansfield, Mutz, and Brackbill, 2019). While extant

research on this issue focuses primarily on the impact of financial crises, we find that noneco-

nomic crises—beyond their economic impact—can also shape trade attitudes and may affect

trade policy. At a time when the liberal international trade regime is already under signif-

icant strain, the substantial and durable rise in protectionist sentiment stemming from the

pandemic threatens to place added stress on the system.

Trade Preferences in The Wake of COVID-19

There are various reasons why the beginning of the COVID-19 pandemic might have prompted

Americans to grow more protectionist and more hostile to international trade. First, the

health crisis precipitated a severe economic crisis. Although the subsequent recession last

only two months—from February to April 2020—tens of millions of Americans lost jobs

during the pandemic’s initial phase. Moreover, it is widely argued that heightened un-

employment stimulates protectionist pressures throughout society, not least because many

people and politicians believe that imports harm jobs (Bohara and Kaempfer, 1991; Irwin,

2005; Bown and Crowley, 2013; Mutz, 2014). Thus, opposition to trade may have grown

nationwide as unemployment increased across the U.S.

Second, the pandemic activated a concern about pathogens in portions of society that

might have led to increasing protectionism. Pathogen Avoidance (PA) theories maintain that

humans develop behavioral mechanisms to minimize infection risk (Rodriguez et al., 2022).

Individuals respond to situational cues—such as media or government reports—about disease

outbreaks by more actively avoiding contact with unfamiliar objects and people and other

controllable risks (Ackerman, Hill, and Murray, 2018). Consequently, Americans may have

turned more protectionist in response to the pandemic in order to limit imports of foreign
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goods that they feared could carry pathogens and thereby minimize the perceived infection

risk. Importantly, this theory implies that growing opposition to trade should be just one

piece of more general public support for COVID-specific restrictions and policies aimed at

stopping the spread of the virus.

Third, increasing ethnocentrism and anti-Asian sentiment in the aftermath of the pan-

demic’s outbreak may have prompted antipathy toward overseas commerce. During crises,

people tend to blame outgroups as a coping mechanism and a means of addressing fear and

the loss of control. This can lead to a rise in “othering.” Indeed, recent research indicates

that othering did become more pronounced during the pandemic (Dionne and Turkmen,

2020). One obvious target was Asians since COVID-19 originated in China and President

Donald Trump actively blamed China for the virus and its spread. These developments may

have led to greater opposition to trade since foreign commerce often involves interaction with

outgroups. Consistent with this argument, there is evidence that ethnocentrism is associated

with anti-trade attitudes in the U.S. and that growing ethnocentrism spurred increased hos-

tility toward trade among Americans during the Great Recession (Mansfield and Mutz, 2009;

Mansfield, Mutz, and Brackbill, 2019). The implication is that rising anti-Asian sentiment

in reaction to the Coronavirus may have precipitated a protectionist response.

Fourth, partisanship and polarization may have contributed to mounting antipathy to-

ward trade following the outbreak of COVID-19. Social identity in the U.S. is increasingly

defined by partisan self-identification (Mason, 2018; Iyengar, 2021). In this context, partisans

interpret reality by responding to cues provided by political elites (Bisgaard and Slothuus,

2018). On the one hand, Trump, many other prominent Republicans, and most right-wing

media outlets minimized the seriousness of COVID-19, referring to it as a “common cold”

that would disappear “like a miracle,” while Democrats tended to communicate to the pub-

lic that the Coronavirus posed a serious threat (Gadarian, Goodman, and Pepinsky, 2022).

On the other hand, Trump blamed China—one of the biggest U.S. trade partners—for the
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spread of the Coronavirus, while Democrats held Trump accountable for poor pandemic pre-

paredness and an insufficient response to the spread of the Coronavirus. Both Democrats

and Republicans might turn against international trade in the wake of the pandemic, but

for different reasons. Democrats might do so because they viewed the pandemic as a serious

threat and hoped to minimize infection risk by reducing imports, whereas Republicans might

do so because they attributed the virus to a major U.S. trade partner and a country with

which the U.S. was engaged in a highly publicized trade war.

Thus far, we have discussed a set of reasons why the outbreak of COVID-19 might have

led to mounting hostility to trade throughout American society. However, the virus may

also have stimulated growing anti-trade sentiment on the part of those individuals who were

directly affected by it. Here, we focus on two personal pandemic shocks: (1) a health shock

stemming from contracting the virus, and (2) an economic shock generated by a loss of

income or employment as a result of the pandemic. We argue that, as a result of partisan

motivated reasoning, both shocks contributed to antipathy toward overseas commerce.

Partisans generally rely on information from political elites to assess threats. Trump

and many other Republican elites minimized the virus’s danger, at least during the initial

stages of the pandemic. Democratic elites, on the other hand, emphasized the seriousness

of the virus. As such, Democrats in the mass public were already primed to believe that

the virus posed a significant danger and a personal pandemic shock had little added impact

on whether they were concerned about COVID-19. The same experience constituted a

stronger shock for Republicans, however, who had been primed to believe that the virus

was not serious. A personal pandemic shock increased their concern about COVID-19 since

its adverse consequences became harder to ignore or downplay. Furthermore, Republicans

experiencing the same shock attributed blame differently because of differences in elite cuing

(Bisgaard, 2015; Bisgaard, 2019). We expect that against the backdrop of the U.S.-China

trade war, this growing concern was directed at overseas commerce because Trump and other
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Republican elites had primed them to blame foreign countries—especially China—for both

unfair trade practices and the spread of the Coronavirus. The growing concern prompted by

a personal shock might then be aimed at various foreign targets, including foreign products,

thereby increasing opposition to trade.

Although we argue that the pandemic stimulated anti-trade attitudes throughout the

mass public, there are a number of ways that it could have instead led to greater support for

trade. As cases started to spread in the U.S., various observers warned that the government

needed to promote imports to address looming shortages of personal protective equipment

and medical supplies (e.g., Bown, 2020). Equally, the outbreak of COVID-19 in the U.S.

precipitated a rise in the demand for, and shortages of, consumer and durable goods, as

individuals redirected their spending from services that involve face to face interaction to

goods that helped to accommodate the increased amount of time they were spending at

home. As a result, Americans might have felt that economic openness would address the

shortages of medical, consumer, and durable goods. More generally, these developments may

have activated people’s consciousness as consumers (Naoi and Kume, 2015). Facing rising

prices and supply chain disruptions, consumers might learn about the previously unnoticed

benefits of economic openness, thereby increasing their support for trade. Consistent with

this hypothesis, Obermeier (2021) finds that Canadians’ support for international economic

integration increased after the outbreak of the pandemic, especially among individuals con-

cerned about its adverse economic effects. Nonetheless, existing research indicates that mass

attitudes toward overseas commerce are often inconsistent with consumer interests (Bearce

and Moya, 2020).
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Empirical Strategies

To assess the effect of the pandemic on mass attitudes toward foreign trade in the U.S.,

we adopt two empirical strategies. First, we leverage an exceptionally extensive survey—

Nationscape—that interviewed large samples of Americans on a daily basis before and

throughout the first year of the COVID-19 outbreak. Nationscape conducted over 500,000

interviews between July 2019 and January 2021, with roughly 6,250 people surveyed per

week. The sample is weighted in order to be representative of the U.S. adult population

(Democracy Fund, 2020). The daily data allows us to precisely identify the timing of any

shift in public opinion and helps to address concerns that, rather than the initial outbreak

of the virus in the U.S., unrelated events or those related to the pandemic’s evolution and

spread drove any such shift. Moreover, by showing that public attitudes toward foreign trade

were highly stable in the months preceding the pandemic, we can exclude the possibility that

any observed effect is driven by unrelated trends in public opinion or stochastic noise.

When estimating the effect of personal shocks induced by the pandemic, an important

concern is that these shocks are not randomly assigned to respondents but rather endogenous

to individual characteristics, such as party identification. These characteristics, in turn, can

influence citizens’ willingness to comply with physical distancing recommendations and other

risk-reduction measures (Grossman et al., 2020).

To address this concern with the daily cross-sectional data, we include temporal and

spatial fixed effects and control for multiple confounding factors, including partisanship. In

addition, we restrict our analysis to the initial outbreak of the pandemic, spanning the period

from January through the end of March 2020.
1
The advantage of this tack is twofold.

1
Due to the large sample size of the Nationscape survey, we are able to examine respondents who reported

they have been sick with COVID-19 in the early stages of the pandemic, when infections were still uncommon
in the general population. However, we also find that respondents over-reported that they have been sick
with COVID-19 in this early stage of the outbreak. In SM-B, we provide an extensive analysis of this issue.
We find that our key results are very robust when we correct for over-reporting by using lab-confirmed data
on regional infection rates and using various other approaches. Moreover, the following results based on the
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First, even though partisan gaps in COVID-19 messaging, policy, and behavior emerged

in the early stages of the pandemic, they were smaller initially than in later stages (Gollwitzer

et al., 2020). Second, extant research indicates that these partisan gaps in behavior did not

produce differences in infections or fatalities during the initial stage of the pandemic. For

example, while viewers of Fox News exhibited less willingness to practice social distancing

behavior than other individuals, they were no more likely to contract COVID-19 or die from

the virus during the first month of the outbreak (Ash et al., 2022). Our data is consistent

with these findings. Figure SM-7 shows the share of Democrats and Republicans in the

Nationscape survey infected by COVID-19 over time. Until March 24, Republicans were no

more likely than Democrats to report that they had been sick with the coronavirus, but they

were more likely to do so during the following week (March 25 to March 31).
2
We therefore

restrict some of our analyses of personal shocks stemming from the virus to the initial stage

of the outbreak, where COVID-19 cases were similar across Republicans and Democrats,

to ensure that our results remain robust when we focus on the period where there was no

partisan gap in infections. Furthermore, in some specifications we use entropy balancing to

adjust for unbalanced covariate distributions, thereby further enhancing the identification of

personal COVID-19 shocks (Hainmueller, 2012).
3

In addition to analyzing daily cross-sectional data, we also utilize the Voter Study Group’s

panel data collected by YouGov (Democracy Fund, 2020). Its stratified sample was drawn

from YouGov’s panel as part of the 2012 Cooperative Campaign Analysis Project and was

designed to reflect the U.S. population in terms of age, gender, race, and education. The

YouGov panel—in which the share of respondents who contracted the virus is similar to the COVID-19 rate
in the U.S. population—are consistent with the Nationscape results.

2
If anything, in this early stage of the outbreak, COVID-19 cases were slightly more prevalent among

Democrats.
3
By reweighting the sample units, entropy balancing ensures that treated and nontreated groups of

observations are similar in terms of their observed characteristics. In our case, this means that individuals
who are exposed to health or economic shocks after the outbreak and those who are not are, on average,
similar across a wide range of variables, including partisan affiliation, when using the reweighted sample.
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pre-pandemic survey wave was in the field between November 22 and December 2, 2019. The

post-pandemic wave of data was collected between November 13 and December 7, 2020.
4

We use the panel data to identify the key characteristics of those respondents who sup-

ported trade in 2019 but turned against it in the wake of the outbreak. The panel data also

allows us to assess the role of personal predispositions in driving the anti-trade shift. Finally,

we utilize the panel data to identify the effect of personal economic and health shocks stem-

ming from COVID-19 in a DiD framework. We construct the counterfactual change in trade

preferences of treated respondents had they not experienced a shock by using the change in

trade preferences of nontreated respondents. Specifically, we estimate a linear model with

the form:

Antitradei,t = α1 + γTreatedi + λPostcovidt + δ(Treatedi ⋅ Postcovidt) + εi,t (1)

where Antitradei,t is a measure of opposition to trade for respondent i at time t. Treatedi

is a dummy variable that equals 1 if respondent i eventually experienced a personal COVID-

19 shock (the respondent contracting the virus or becoming unemployed during the pan-

demic) and 0 if he or she did not experience a shock.
5
Postcovidt is a dummy variable that

takes on a value of 1 for observations obtained in 2020—after the outbreak of the pandemic—

and 0 in 2019. The parameter δ captures the effect of the personal pandemic shock on trade

preferences.

The DiD identification strategy relies on the assumption that the attitudinal trends in

both the treated and the control groups would be the same absent the treatment. To ensure

that we do not violate the parallel trends assumption, we analyze data from earlier survey

4
In total, 3,669 respondents participated in both waves. Some of these observations are dropped from

the panel analysis due to missing previous waves or missing data for some of the variables.
5
We also use two-way fixed effect models as a robustness test. The binary treatment variable used in

these models equals 1 only for treated respondents in the post-treatment period.
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waves. As we explain further below, the evidence accords with this assumption: shifts in

trade preferences among treated and nontreated respondents follow the same trajectory prior

to the pandemic.

In sum, both the daily cross-sectional data and the panel data have key advantages, given

our objectives, and analyzing both compilations allows us to address the effects of COVID-19

more fully than could be accomplished by relying on either one alone. Furthermore, utilizing

both types of data facilitates an analysis of the robustness of our results and should promote

confidence that any change in trade attitudes that we uncover stems primarily from the

causal effect of the pandemic.

Measures

The dependent variable in our cross-sectional analysis equals 1 if a respondent supported

limiting overseas commerce and 0 if he or she disagreed with limiting trade or was not sure.

We analyze two dependent variables in our panel analysis. One is a dichotomous measure

of whether a respondent is opposed to increasing trade (1) or not (0). The second measures

whether an individual became opposed to trade during the year between the autumn of

2019—prior to the first reported cases of COVID-19—and the autumn of 2020—when the

pandemic was in full flower. The variable equals 1 for respondents who did not oppose in-

creasing trade in the pre-pandemic wave, but were opposed to doing so in the post-pandemic

wave, and 0 otherwise.
6

Underlying these coding decisions is that a sizable share of the

American population is neutral about trade.
7

Many respondents would have selected a

neutral response on items about trade, given the opportunity. But the surveys we rely on

present a pro-trade option, an anti-trade option, and a third option of “don’t know” or “not

6
When testing the parallel trends assumption, this coding procedure is repeated for the 2017-2019 and

2016-2017 survey waves to capture shifts in trade preferences before the 2020 wave.
7
For example, data from the 2018 and 2020 American National Election Studies (ANES) shows that over

a third of American voters neither favored nor opposed free trade agreements with other countries.
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sure” (DK, hereafter). This might lead many neutral respondents to select DK. To avoid

discarding a large and potentially valuable portion of the data, we include DK responses in

our samples. However, we also address how dropping DK responses influences the following

results.

Turning to the independent variables, we draw on a battery of questions on exposure

to COVID-19 to measure personal health shocks. Respondents in both surveys were asked

whether they, someone in their immediate family, someone at work, or a friend (included

only in the YouGov survey) had been sick with Coronavirus. We create indicator variables

for each of these circumstances. Questions on exposure to COVID-19 were included by

Nationscape starting on March 19, 2020. Since there were fewer than 10,000 total reported

cases of COVID-19 in the U.S. on March 18, we code respondents interviewed prior to March

19 as not exposed to personal COVID-19 shocks. In the following analysis, however, we also

show that our results are substantively similar if we restrict the analysis to the latter portion

of March, when making this coding decision is unnecessary.

In addition to shocks stemming from personal exposure to the virus itself, we also address

the personal economic consequences of COVID-19. First, using the cross-sectional data, we

analyze the effects of a loss in income due to the virus. We include a binary variable that

equals 1 if respondents reported that either their income had been “significantly reduced”

or that they “lost their primary source of income,” and 0 if respondents indicated that their

income had “not been significantly affected” or “significantly increased.”

Second, we analyze the effects of job loss in the wake of the pandemic. Since Nationscape

did not ask respondents when they became unemployed, it is not possible to distinguish

individuals who lost jobs due to COVID-19 from those who lost jobs prior to the health

crisis. As a result, we restrict our analysis of an unemployment shock to the panel data and

use employment status, including unemployment, as a control variable in the cross-sectional

analysis. Specifically, we construct a variable that equals 1 for respondents who reported
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being employed in the pre-pandemic wave, but temporarily laid off in the post-pandemic

wave, and 0 otherwise.
8

Next, we include a set of demographic, economic, and political control variables, including

age, gender, ethnicity, household income, employment status, formal education, and party

identification. Further, we include a measure of the tariffs imposed by China on exports

produced in the respondent’s community during the 2018 trade war (Kim and Margalit,

2021), and measures of Chinese import penetration from 2000 to 2008 and from 2013 to 2018

(Autor et al., 2020). All of the variables tapping trade policy and trade flows are measured

at the Congressional district level. We standardize these variables to indicate differences

from their mean in number of standard deviations. Exposure to Chinese tariffs measures the

share of workers employed in industries targeted by Chinese tariffs. Exposure to Chinese

imports captures the growth of import penetration per worker in each region (Autor, Dorn,

and Hanson, 2013). Accounting for these factors is important because opposition to trade

may have risen in areas that were heavily affected by Chinese tariffs and imports. Moreover,

people in such areas were unlikely to experience a personal shock stemming from the virus

since these regions tended to be well outside the major cities where most of the initial U.S.

cases of Coronavirus were reported.

Finally, to measure anti-Asian sentiment, we rely on a five-point scale drawn from the

Nationwide survey and a 100-point feeling thermometer drawn from the YouGov survey. In

both cases, higher values represent more favorable views of Asians.
9

8
Similar to most surveys on political attitudes and trade preferences, the survey item on respondents’

employment status does not allow us to distinguish between people who voluntarily left their jobs and
those who were involuntarily laid off by their employer. However, the “quits rate” (i.e., the number of
resignations as a percentage of total employment) in the U.S. labor market fell sharply following the outbreak
of COVID-19—from 2.3 in February to 1.6 in April—and remained lower than pre-pandemic levels until
November 2020, when YouGov’s post-pandemic survey wave was in the field. It was only in 2021 that
the U.S. experienced a surge in quits, in what has come to be known as “the Great Resignation.” See
https://fred.stlouisfed.org/series/JTSQUR.

9
In the Appendix, we also address the effects of ethnocentrism, more generally, rather than anti-Asian

attitudes in particular. The results are similar.

12



The Nationwide Pandemic Effect

Figure 1 provides an initial description of trade attitudes in the U.S. during the period

surrounding the outbreak of COVID-19. Five months before the outbreak, one out of every

four Americans was in favor of limiting international trade, a figure that remained highly

stable until the onset of the pandemic. This attitudinal stability changed dramatically with

the spread of the Coronavirus. In March 2020, opposition to foreign commerce increased by

20 percent (or 5 percentage points). Protectionist sentiment continued to grow until May,

when it peaked. At that point, more than one out of every three Americans supported

limiting trade with other countries, representing a substantial 40 percent (or 10 percentage

points) increase compared to the pre-pandemic baseline. Moreover, this rise in opposition

to trade was also durable, persisting at least through the start of 2021.

Figure (1) The Pandemic Outbreak and Public Opposition to International Trade

.25

.3

.35

Su
pp

or
t: 

lim
it 

tra
de

 w
ith

 o
th

er
 c

ou
nt

rie
s

-5 0 5 10
Month relative to outbreak

Note: Monthly support for limiting trade, with 95% confidence intervals, before and after the March 2020 outbreak of COVID-
19. The horizontal line represents the average level of opposition to trade in the pre-pandemic period.
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The durability of the rise in protectionism over time is notable for a number of reasons.

First, longer-lasting attitudinal shifts throughout society have the potential to shape the

political landscape and influence both policies and elections. Second, the persistence sug-

gests that mounting opposition to trade was not driven primarily by the national economic

effects of COVID-19. While U.S. unemployment increased in March 2020, it did not peak

until April, when joblessness stood at 14.8 percent. Unemployment declined gradually but

steadily thereafter, falling to 8.4 percent in August and 6.7 percent in December. The stock

market experienced an even faster and fuller recovery, with the S&P 500 returning to its

pre-pandemic peak after 25 weeks. Opposition to trade started growing in March, before the

virus had caused much economic damage, and remained entrenched throughout the economic

recovery of 2020. In fact, the results of a Gallup poll suggest that such opposition endured

even longer: the share of Americans who perceived trade as a threat to the economy was

twice as large in 2022 compared to February 2020.
10

Furthermore, escalating antipathy toward trade was remarkably widespread, cutting

across various segments of society. Panel (a) of Figure 2 shows monthly average trade

attitudes, based on whether respondents’ annual household income was greater or less than

the median in our sample ($45,000 to $50,000). Both groups follow the same trajectory,

with a marked spike in opposition to foreign trade in March, immediately following the out-

break. The similarity across high-income and low-income respondents continued throughout

the pandemic, despite the fact that low-wage workers experienced a much stronger eco-

nomic shock that persisted for months, whereas high-wage workers experienced a V-shaped

recession that lasted only a few weeks (Chetty et al., 2020).

The growth of anti-trade sentiment is also evident throughout the American workforce.

As shown in panel (b), the rise in opposition to overseas commerce at the outset of the

10
Jones, Jeffrey M. 2022. “U.S. Views of Foreign Trade Nearly Back to Pre-Trump Levels.” In:

Gallup Politics. Available at: https://news.gallup.com/poll/390614/views-foreign-trade-nearly-back-pre-
trump-levels.aspx.
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pandemic was not driven solely by those who lost jobs. It also took place among employed

respondents. Moreover, retirees, who had no job to lose and could not experience increased

job insecurity, turned more protectionist as well. Nor is the hostility to trade an outgrowth of

formal education or exposure to Chinese imports. Panels (c) and (d) show monthly average

trade attitudes, based on whether: (1) respondents’ had a formal education beyond high

school graduation and (2) the flow of Chinese imports into their communities was above

or below the sample median. The anti-trade shift was quite similar for both more and less

highly educated individuals, and regardless of whether or not a respondent’s community was

highly exposed to Chinese imports.

In addition to economic circumstances, the nationwide spike in protectionism may have

been spurred by respondents’ identity and party identification. Specifically, the fact that the

Coronavirus originated in China—together with Trump dubbing it “the Chinese Virus”—

could have produced a surge in anti-Asian prejudice, especially among Republican voters and

whites, who formed the base of his support. This, in turn, might have increased opposition

to foreign countries, foreign people, and foreign commerce (Lu et al., 2021; Mutz and Kim,

2017). However, whereas opposition to foreign trade was strongest by a wide margin among

Republican voters during the entire period we examine, panel (e) shows that it increased sub-

stantially among Democrats (+15-56% above the pre-pandemic baseline) and Independents

(+23-42%) as well. Similarly, although the protectionist upsurge was strongest among white

respondents, panel (f) shows that it was also evident among racial and ethnic minorities,

including Asian respondents.

Taken together, this descriptive analysis yields substantial evidence of a rise in antipathy

toward trade throughout the American public during the outbreak of COVID-19. Moreover,

the growth in anti-trade sentiment was sizable, durable, and occurred across various segments

of society.

We mentioned earlier that trends in the descriptive data drawn from the Nationscape
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Figure (2) Rising Opposition to International Trade Across Various Segments of Society
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Note: Monthly support for limiting trade with other countries before and after the outbreak of COVID-19 in March 2020 by
demographic, socioeconomic, and political characteristics.
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survey do not support the argument that opposition to trade during the pandemic stemmed

from its national economic effects. This data also allows us to test in a preliminary fashion

the observable implications of two additional explanations for the growth in hostility to

foreign commerce. First, if pathogen avoidance is the impetus for opposing trade, there

should be similar patterns in support for limiting trade and for other restrictions aimed at

countering the spread of the virus. Among such restrictions are those on non-essential travel.

However, consistent with previous findings (Gadarian, Goodman, and Pepinsky, 2022, p.

143), Figure 3 shows that support for restricting non-essential travel dropped sharply shortly

after the pandemic’s outbreak. That support for restricting trade rose dramatically and

remained elevated combined with a steep reduction in support for restricting non-essential

travel and at a time when demands to ”reopen the economy” became increasingly widespread

is inconsistent with an explanation based on pathogen avoidance (ibid.).

Figure (3) Public Support for Restricting Trade and Non-Essential Travel
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Note: Monthly support for limiting trade with other countries (solid line), support for restricting “all non-essential travel
outside the home,” and “travel by plane, train, or bus” before and after the March 2020 outbreak of COVID-19. The horizontal
line represents the average level of opposition to trade in the pre-pandemic period.

Second, the data is more consistent with the argument that anti-Asian sentiment drove

rising opposition to trade. As Figure 4 shows, negative attitudes toward Asians increased by 2

percentage points in February and 3 points (or 22 percent) in March. The rise in opposition to
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trade is more substantial, but roughly in accord with the argument that anti-trade preferences

were driven by a tendency to scapegoat Asians for the spread of the Coronavirus. We will

return to this issue in the following analysis.

Figure (4) Opposition to International Trade and Attitudes toward Asians
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Note: Monthly support for limiting trade and anti-Asian sentiments (holding either a very or somewhat “unfavorable impression
of Asians”), before and after the outbreak of COVID-19.

The Effect of Personal Pandemic Shocks

Although hostility to trade rose throughout American society during the onset of the pan-

demic, there were clearly interpersonal differences in both whether individuals grew more

opposed to trade and the extent of such growth. Moreover, the mechanisms underlying the

effect of personal pandemic shocks might differ from those that seem to account for the

nationwide shift. To address these issues, we examine the effect of personal pandemic shocks

on trade attitudes. Table 1 reports the results of a set of linear probability models (LPM)

estimated using the Nationscape data.
11

The first model estimates the effects of various

personal health shocks: contracting COVID-19 and a reported infection in a respondent’s

11
As Table SM-2 shows, the results are statistically similar when estimating a logit model instead of LPM.

18



family or workplace. The results indicate that contracting COVID-19 significantly increases

antipathy toward trade. Moreover, this effect is sizable: a personal infection boosts the

predicted opposition to trade by 23 percentage points. Cases of COVID-19 in a respondent’s

workplace also stimulate hostility to trade. Holding constant individual or family exposure

to the virus, reported infections at work heighten the predicted opposition to overseas com-

merce by approximately 8 percentage points. The impact of exposure to COVID-19 in a

respondent’s immediate family, on the other hand, is somewhat smaller and imprecisely es-

timated, perhaps because such infections precipitated relatively little anxiety if the family

member did not experience severe symptoms or was not in close contact with the respondent.

The results in column 2 include the effects of a Covid income shock. Experiencing a drop

in income due to the Coronavirus has a positive and statistically significant effect on hostility

toward trade. On average, people whose income was markedly reduced by COVID-related

developments were 5 percentage points more likely to hold anti-trade views than people

whose income was unaffected by COVID or increased as a result of the health crisis.

Moreover, the effects of a Coronavirus infection and an income drop remain sizable and

statistically significant after adding three sets of control variables. In column 3, we control for

respondents’ demographics, socioeconomic characteristics (see the table’s note for details),

party identification, and state and week fixed effects. In column 4, we add two variables—

exposure to Chinese tariffs and import competition—that tap the effects of aspects of foreign

commerce on a respondent’s community and could shape trade preferences. Finally, we

include respondents’ feelings about Asians in column 5. The effects of contracting the virus

and experiencing a COVID-related income reduction remain significant and substantively

large across all of these specifications.
12

12
Table SM-2 shows that the key results are similar when we: (1) replace Chinese imports from 2000 to

2008 with a measure of Chinese imports between 2013 and 2018; (2) replace respondents’ feelings about
Asians with the extent of their overall ethnocentrism or separately control instead for ingroup and outgroup
favoritism; (3) add exposure to tariffs imposed by three trade partners other than China (Canada, Mexico,
and the European Union); and (4) replace state fixed effects with Congressional district fixed effects.
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Table (1) Personal Pandemic Shocks and Trade Attitudes, Cross-Sectional Estimates

(1) (2) (3) (4) (5) (6) (7)

Covid: respondent 0.238
∗∗

0.248
∗∗

0.233
∗∗

0.233
∗∗

0.227
∗∗

0.278
∗∗

0.284
∗∗

(0.048) (0.048) (0.056) (0.056) (0.056) (0.092) (0.094)
Covid in family 0.057 0.050 0.028 0.028 0.020 0.106 0.089

(0.048) (0.048) (0.052) (0.052) (0.051) (0.086) (0.089)
Covid in workplace 0.082

∗
0.068

∗
0.071

∗
0.072

∗
0.073

∗
0.076 0.085

(0.034) (0.034) (0.036) (0.036) (0.036) (0.061) (0.063)
Covid income shock 0.054

∗∗
0.037

∗
0.037

∗
0.035

∗
0.016 0.017

(0.012) (0.016) (0.016) (0.016) (0.023) (0.024)
Targeted by Chinese tariffs 0.010

∗
0.010

∗
0.009

∗
0.013

(0.004) (0.004) (0.004) (0.014)
Chinese import shock, 2001-2008 0.004 0.004 0.002 0.003

(0.004) (0.004) (0.004) (0.016)
Favorability: Asians -0.036

∗∗
-0.035

∗∗
-0.036

∗∗

(0.003) (0.003) (0.010)

Controls no no yes yes yes yes yes
State-week FE no no yes yes yes yes yes
Weeks from March 1 [-8,4] [-8,4] [-8,4] [-8,4] [-8,4] [-8,3] [3,3]
Observations 22956 22956 22956 22956 22956 21016 1716
R-squared 0.003 0.004 0.043 0.043 0.051 0.047 0.112

Note: Entries are LPM estimates with standard errors in parentheses. The sample in columns 1-5 is restricted to interviews
conducted from January until the end of March 2020. The samples in columns 6-7 are restricted to January 1 to March 24
and March 18 to March 24, respectively. Control variables (columns 3-7) include: gender, age, education, employment status,
household income, ethnicity, and party identification. + p < 0.10, * p < 0.05, ** p < 0.01.

In addition, the findings in Table 1 indicate that people residing in areas targeted by

Chinese tariffs tend to hold anti-trade views. They also show that favorable attitudes toward

Asians dampen opposition to trade. The rise in prejudice and discrimination against Asians

following the outbreak of COVID-19 could therefore help to account for the nationwide

anti-trade shift in public opinion (Lu et al., 2021). Yet the magnitude and significance of

personal health and economic shocks on trade attitudes remains almost identical, regardless

of whether we account for respondents’ feelings about Asians and whether they lived in

communities affected by Chinese tariffs.

To further address concerns about the extent to which personal pandemic shocks are

exogenous, we narrow the time frame to assess the impact of personal shocks in the earliest

stage of the coronavirus outbreak.
13

Specifically, in column 6 we drop the last week in March

13
We also use entropy balancing to achieve covariate balance in Table SM-10 (Hainmueller, 2012). The

effects of a COVID infection and a COVID income shock remain statistically significant and sizable.
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2020 and restrict the sample to respondents interviewed between January 1 and March

24, 2020. Not only does the effect of Covid infection remain statistically significant, its

magnitude increases by 5 percentage points. On the other hand, narrowing the time window

reduces the significance and magnitude of a Covid income shock. There are two possible

explanations for why the impact of income loss might change. One is that narrowing the

time frame reduces bias because the initial spread of the pandemic was more exogenous

than later stages, when partisanship increasingly influenced exposure to the Coronavirus.

Alternatively, this null result might simply suggest that economic shocks did not affect

trade preferences immediately, but rather had a lagged effect. Below, we find that personal

economic shocks increased opposition to trade over the longer term, a result that is consistent

with the latter possibility.

Model 7 uses an even narrower time window, limited to respondents interviewed between

March 18 and March 24. We do so to assess the implications of our decision to code re-

spondents interviewed prior to these dates—when Nationscape had yet to include items on

COVID-19—as not having experienced personal pandemic shocks. We find little difference

in the estimated effects of a COVID-19 infection and an income drop between columns 6

and 7. Taken together, our results indicate that personal health shocks increased opposition

to trade at the earliest stage of the coronavirus outbreak, whereas the effect of personal

economic shocks materialized a little later, by the end of March.

A second approach that we take to estimate the effect of personal pandemic shocks on

trade attitudes is a DiD design using the YouGov panel data. Notably, the post-pandemic

wave of the survey was fielded in November 2020, five months after the peak of the rise

in protectionism. The results stemming from this panel should therefore be interpreted as

reflecting the longer-term effects of personal pandemic shocks and probably as the lower

bound of their effects.

Figure 5 divides respondents into treatment and control groups based on their exposure
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to the two key treatments in the post-pandemic wave: a COVID-19 infection (left panels)

and a layoff (right panels). The upper panels present the share of respondents who are

opposed to expanding overseas commerce in each group, whereas the lower panels show the

fraction of respondents who shifted from a neutral or a pro-trade position to an anti-trade

stance between 2019 and 2020. Consistent with the parallel trends assumption, both treated

and non-treated respondents were almost exactly as likely to adopt anti-trade views before

the pandemic. In the post-pandemic wave, the proportion of people turning against foreign

trade increased within both groups, which reflects the nationwide effect we described above.

However, individuals who experienced a health or an economic shock were considerably more

likely to express antipathy toward trade.

Table 2 presents our DiD estimates. Recall that the panel analysis focuses on two de-

pendent variables: (1) whether respondents are opposed to increasing trade and (2) whether

they became opposed to increasing trade between 2019 and 2020. Columns 1-2 and 4-5 show

the linear probability estimates of each personal shock on each dependent variable. Columns

3 and 6 report the effects of both types of shocks together in a single regression that also

includes key pre-treatment covariates: gender, ethnicity, party identification, family income,

whether the respondent was retired, and anti-Asian sentiment.

Our results indicate that a COVID-19 infection increased the level of opposition to over-

seas commerce by 8.9 percentage points. The effect of a layoff is somewhat larger, increasing

anti-trade sentiment by 10.4 percentage points. These effects are statistically and substan-

tively similar when we focus on respondents’ inter-wave shifts against trade instead of levels

of opposition to trade. In addition, the influence of both Covid infection and Layoff is

almost identical when we add the covariates described earlier.

To assess the robustness of these results, in Table SM-11 we estimate two-way fixed effects

(TWFE) regressions. In the TWFE models, we control for time and individual fixed effects,

and capture the effect of each shock with a variable that equals 0 for control units at any

22



Figure (5) Personal Pandemic Shocks and Parallel Trends in Opposition to Trade
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(b) Treatment: Layoff
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(c) Treatment: COVID-19 Infection
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(d) Treatment: Layoff
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Note: Points indicate the average share of respondents who are opposed to increasing trade with other nations (upper panels)
and the average share of respondents taking an anti-trade shift (lower panels). Treated respondents are those who were infected
with COVID-19 (left panels) and those who were laid off in 2020 (right panels). The dashed vertical line marks the post-
pandemic survey wave.

time or for treated units in the pre-treatment period and 1 for treated respondents in the

post-treatment period. As mentioned earlier, we also address the robustness of our results

to how ”don’t know” responses about trade are treated. More specifically, we: (1) replace

the dependent variables with a three-point scale of opposition to trade, where the mid-point

represents the DK category; (2) drop DK responses from the analysis instead of treating

them as a neutral stance on trade; and (3) consider a shift from a pro-trade position to a
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Table (2) Personal Pandemic Shocks and Trade Attitudes, DiD Estimates

(1) (2) (3) (4) (5) (6)
Opposition to trade Anti-trade shift

Covid infection X Post-covid wave 0.084
+

0.089
+

0.094
∗

0.095
∗

(0.048) (0.047) (0.039) (0.039)
Layoff X Post-covid wave 0.121

∗
0.104

+
0.121

∗∗
0.111

∗

(0.057) (0.056) (0.047) (0.046)

Covid infection -0.015 -0.012 -0.007 -0.007
(0.037) (0.036) (0.030) (0.030)

Layoff -0.075
+

-0.066 -0.037 -0.033
(0.045) (0.044) (0.037) (0.036)

Post-covid wave 0.041
∗∗

0.041
∗∗

0.035
∗∗

0.041
∗∗

0.041
∗∗

0.036
∗∗

(0.009) (0.009) (0.009) (0.007) (0.007) (0.007)

Covariates
Observations 4854 4854 4854 4854 4854 4854
R-squared 0.006 0.006 0.071 0.010 0.009 0.044

Note: Entries are DiD coefficient estimates based on linear probability models, with standard errors in parentheses. Post-covid
wave is a dummy variable that is set to 1 for the November-December 2020 survey wave. Pre-treatment covariates include
respondents’ age, gender, ethnicity, family income, anti-Asian sentiment, and party identification in 2019. + p < 0.10, *
p < 0.05, ** p < 0.01.

DK response as an anti-trade shift. Remarkably, the effect of contracting the Coronavirus

remains substantively similar across all of these robustness tests. The effect of a layoff,

however, is weakened and becomes either marginally significant or statistically insignificant.

Figure 6 shows the estimated effects of health and economic shocks, together with the

influence of various respondent characteristics, on changing from pro-trade or neutral in 2019

to anti-trade in 2020. Clearly, both Covid infection and Layoff have a substantial effect on

such shifts. Further, respondents with stronger anti-Asian views, Republicans, and women

were significantly more likely to turn against foreign commerce in the aftermath of COVID-

19. A one standard deviation increase in anti-Asian sentiment (23 points on the 100-point

scale) is associated with about a 2 percentage point rise in the likelihood of adopting an anti-

trade stance. The probability of an anti-trade shift is 3 percentage points higher for females

than males and 10 percentage points higher for Republicans than Democrats. Nonetheless,

Democrats (13%) and men (41%) represent a non-negligible share of those respondents who

shifted against trade (see Table SM-12).
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Figure (6) Predictors of Anti-Trade Shifts

Layoff
Covid: respondent

Covid: family
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Covid: friend
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∆Household Income
Age

Male
Female

Independent/other
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White
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other
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2-year
4-year

Post-grad

Gender

Party ID

Race/ethnicity

Education

-.15 -.1 -.05 0 .05 .1 .15
Effect on Pr(anti-trade shift)

Note: Correlates of anti-trade shifts in the aftermath of COVID-19. Dots with horizontal lines indicate point estimates with
95% confidence intervals. Dots on the dashed line mark the reference categories.

Personal Pandemic Shocks and Partisanship

The preceding results established that personal pandemic shocks—especially contracting

the Coronavirus—stimulated mounting hostility to overseas commerce. We now turn to

the mechanisms driving this relationship. Earlier, we argued that the influence of personal

shocks on trade attitudes was likely to stem from partisan motivated reasoning. Due to

elite cuing from Trump and others who downplayed the pandemic’s severity, Republicans

experiencing a personal shock were likely to become much more concerned about COVID-19

as a result. Further, elite priming also led Republicans to blame China for the spread of
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the virus. Since China was a major trade partner of—and engaged in a highly-publicized

trade war with—the U.S., Republican voters turned against trade in response to personal

exposure to the Coronavirus. Democrats, in contrast, had been primed by partisan elites to

view the virus as a significant threat and a personal shock therefore did relatively little to

update their concerns over the pandemic or trade.

To test this argument, we begin by dividing the 2020 wave of the YouGov respondents

into Democrats and Republicans. We code Independent voters by relying on one feeling ther-

mometer about Democrats and another about Republicans. Independents who hold more

favorable feelings about Democrats (Republicans) than Republicans (Democrats) are classi-

fied as Democrats (Republicans).
14

Initially, we assess whether Republicans and Democrats,

respectively, who experienced a personal shock grew more worried about the pandemic. Our

dependent variable drawn from the same wave is a four-point index of concern that ”you or

a close family member will get sick from the coronavirus,” where higher values correspond

to greater anxiety.

Table 3 shows the results of a least squares regression of this variable on measures of

whether the respondent had been infected or laid off during the pandemic, and a battery

of control variables. The model is estimated for the full sample and for Democrats and

Republicans alone. Our findings indicate that contracting the Coronavirus is associated with

stronger concerns about the pandemic for the sample as a whole, but this result is driven

by Republicans. An infection is associated with roughly a 0.16-point increase in Democrats’

concerns about the pandemic (p=0.14) and with about a 0.32-point increase in Republicans’

concerns (p < 0.05). Consistent with our argument, attempts to minimize the severity of

COVID-19 by many Republican elites led Republicans in the mass public who contracted the

virus (many of whom undoubtedly experienced symptoms) to become increasingly worried

14
In our sample, 14% of respondents identified as Independents, 60% of which favored Republicans over

Democrats. Our results are substantively similar if we rely on (pre-treatment) approval of Trump instead of
partisanship (see table SM-15).
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Table (3) Personal Pandemic Shocks and Concerns about COVID-19

(1) (2) (3)
Full sample Democrats Republicans

Covid infection 0.281
∗∗

0.159 0.319
∗

(0.090) (0.108) (0.136)
Layoff 0.010 0.096 -0.105

(0.115) (0.130) (0.185)

Observations 2829 1511 1311
R-squared 0.166 0.031 0.060

Note: Ordinary least squares models controlling for respondents’ gender, age, level of education, partisanship, race, income,
and whether respondents are retired. Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.

about its medical consequences. The effect of an infection on such worries for Democrats

is much more modest and imprecisely estimated. Further, as would be expected, neither

Republicans nor Democrats grew more anxious about the pandemic’s medical effects as a

result of job loss.

Not only do Republicans express greater concern about the medical effects of COVID-19

if they have been infected, they also express greater hostility toward trade if they experienced

a personal pandemic shock. In Table 4, we present the results of linear probability models of

the effects of both a medical and an economic shock on anti-trade shifts from 2019 to 2020.

The results in the first two columns are based on the entire sample and include interaction

terms between Republican and both Covid infection and Layoff. In the third and fourth

columns, the effects of Covid infection and Layoff are estimated separately for Democrats

and Republicans. These results reveal that, for Republicans, both shocks contributed to

large and statistically significant increases in opposition to trade. A COVID infection and

job loss increased Republicans’ anti-trade attitudes by roughly 16 and 18 percentage points,

respectively, based on the results in column 4. Alternatively, Democrats did not update their

trade attitudes in response to either contracting the virus or unemployment. In columns 5

and 6, we replace the dependent variable with a pre-treatment placebo outcome—whether

the respondent grew more anti-trade between the 2017 and 2019 survey waves. Consistent
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Table (4) Personal Pandemic Shocks and Trade Attitudes by Party

(1) (2) (3) (4) (5) (6)
DV:

Subset:
Anti-trade
Full sample

Anti-trade
Democrats Republicans

Anti-trade (t-1)
Democrats Republicans

Covid infection -0.090 0.085
∗

-0.042 0.161
∗

-0.011 0.040
(0.064) (0.042) (0.049) (0.067) (0.056) (0.062)

Covid infection X Republican 0.301
∗∗

(0.083)
Layoff 0.089

+
-0.052 0.002 0.185

∗
-0.014 -0.012

(0.049) (0.066) (0.051) (0.086) (0.059) (0.079)
Layoff X Republican 0.288

∗∗

(0.096)

Individul-year FE yes yes yes yes yes yes
Observations 4738 4738 2561 2177 2561 2177
R-squared 0.031 0.028 0.001 0.070 0.009 0.012

Note: Entries are linear probability model estimates with standard errors in parentheses. The constitutive term, Republican,
is a time-constant variable measured in the pre-treatment period (November 2019) and is therefore absorbed by the individual
fixed effects. + p < 0.10, * p < 0.05, ** p < 0.01.

with a causal interpretation of the results, for both Democrats and Republicans, neither

personal pandemic shock is associated with pre-treatment opposition to trade. In sum,

while both Democrats and Republicans grew more opposed to overseas commerce after the

COVID-19 outbreak, personal health and economic shocks increased opposition to trade only

among Republican-leaning individuals, a finding that is consistent with our argument that

the effects of these shocks reflect partisan motivated reasoning.
15

Conclusion

In October 2019, Gallup reported that foreign trade had grown more popular during the

Trump Administration and that “Americans’ broad view of trade is the most positive it has

been in more than a quarter-century” (Saad, 2019). Less than six months later, the situation

15
Also consistent with partisan motivated reasoning are a set of results based on the Gallup Poll Social

Series and presented in Appendix Section D. These results indicate that although both Democrats and Re-
publicans exhibited rising disapproval of China after the pandemic’s outbreak, only in the case of Republicans
was such disapproval also associated with heightened hostility toward trade. This suggests that Republicans,
but not Democrats, made the connection between an unfavorable view of China and a perceived threat from
trade after the outbreak of COVID-19, which accords with our explanation emphasizing elite cuing and
selective blame attribution.
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had changed dramatically. By March 2020, protectionist sentiment began spiking rapidly,

increasing almost 45 percent over the next three months. This rising tide of hostility toward

trade marked a remarkably broad swath of American society. Anti-trade attitudes swelled

regardless of gender, race, income, education, partisanship, employment, or the flow of im-

ports into a community. Furthermore, the antipathy to trade was very durable, persisting

for the first year of the pandemic, if not longer.

Beyond this nationwide impact of COVID-19, experiencing a personal health or economic

shock further increased protectionist sentiments. But while both contracting the Coron-

avirus and losing a job during the pandemic had a substantial impact on trade attitudes, the

prevalence of each of these effects changed over time. At the start of the pandemic, many

people became unemployed, but only a small number contracted the virus. As the pandemic

progressed, however, unemployment dropped sharply, while the incidence of COVID-19 in-

fections rose rapidly. Hence, although the magnitude of both personal pandemic shocks was

roughly similar, layoffs probably fueled the initial increase in anti-trade attitudes, whereas

infections probably helped the anti-trade shift to endure.

Whereas personal pandemic shocks stimulated rising opposition to trade in the sample

as a whole, further analysis revealed that this effect was driven by Republican-leaning indi-

viduals and Trump supporters—a finding that accords with the theory of partisan motivated

reasoning. Elite cues led many Republicans in the mass public to dismiss the pandemic’s

severity. A personal shock led to heightened concern about the pandemic, which was di-

rected at foreign trade because Republican elites blamed China for the virus and the U.S.

was in the throes of a very public trade war with China. However, even Republicans who

did not experience a pandemic shock expressed some growing opposition to trade following

the outbreak of COVID-19. So too did women and people who held anti-Asian views. More

generally, although these personal shocks and characteristics influenced the magnitude of

the spike in hostility toward, it is important to reiterate that the spike itself was experienced
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throughout society.

Our findings raise some key questions and issues that should be addressed in future

research. Why, for example, did the pandemic fail to activate consumer interests? In the

face of obvious shortages of various products, widely publicized supply chain disruptions,

and rising prices, there was ample reason for individuals to exhibit greater support for trade,

which could have helped to address these problems.

More generally, there has been a striking dearth of research in the field of international

relations on public health and health crises. COVID-19 not only influenced attitudes about

trade, it also adversely influenced the flow of trade and various other features of the inter-

national economy. Added work on the links between pandemics and the global economic

system—as well as other aspects of international relations—is sorely needed. It is widely

recognized that COVID-19 will not be the final health crisis that the world confronts. A far

better understanding is needed of how international relations influences and is affected by

the outbreak and spread of disease.
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A The Nationwide Pandemic Effect, Additional Re-

sults

Effect Heterogeneity Across Trade Winners and Losers

In the main text, we show that the rising opposition to trade was remarkably widespread,

cutting across various segments of society. Here, we provide additional evidence for this

finding, focusing specifically on factors related to material self-interest and the distributional

impact of trade.

To address this issue, we sort respondents by their individual characteristics or charac-

teristics of their communities that should reflect their material self-interest. We examine

whether individuals who stood to lose more from trade exhibited greater opposition to it in

reaction to COVID-19.

In panel (a) of Figure SM-1, we use educational attainment as a proxy for respondents’

professional skills. Specifically, low-skilled respondents are those whose highest level of for-

mal education is graduation from high school. The Heckscher-Ohlin model of international

trade predicts that open trade will harm owners of factors of production that are scarce rel-

ative to the rest of the world. In developed economies, low-skilled workers will therefore be

the primary distributional losers from trade. In contrast, high-skilled workers in developed

economies should benefit from free trade. Consistent with this model, low-skilled respon-

dents are consistently more opposed to foreign trade than their highly-skilled counterparts

throughout the entire period we examine. But both the magnitude and timing of the post-

pandemic spike in anti-trade attitudes was almost identical across the two groups. This

implies that material self-interest, as it is derived from the Heckscher-Ohlin model, played

little role in the nationwide pandemic effect on public opinion about trade.

Panel (b) of the same figure builds on the Ricardo-Viner model, which suggests that the

primary losers from international trade in the short term would be workers in industries that

face the greatest import competition. Since the Nationscape survey did not collect data on

respondents’ occupation or industry of employment, we focus instead on whether individuals

resided in industrial communities. Broz, Frieden, and Weymouth (2021) have documented

that, since the 1970s, trade has contributed to a reduction in U.S. manufacturing employ-

ment and the wages of industrial workers. This development harmed not only individual

manufacturing workers, but also the communities in which manufacturing plants and firms

are located. Therefore, they argue, the impact of foreign commerce is best understood as
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affecting industrial communities in geographically-specific areas rather than individuals.

Consequently, we might expect the pandemic’s effect on antipathy toward trade to be

considerably stronger among respondents located in manufacturing communities than re-

spondents living elsewhere. However, similar to the parallel rise in protectionist attitudes

among low-skilled and high-skilled workers, we find that inhabiting an industrial commu-

nity did not condition the general pandemic effect.
1

People residing in areas with greater

manufacturing employment did hold somewhat more protectionist views than those living

in less industrial areas during the period analyzed here. But the pandemic was associated

with a rise in opposition to trade that was roughly uniform in both magnitude and timing,

regardless of the industrial composition of an individual’s community.

People might derive their perceived material interests from their lived experiences with

trade rather than the theoretical expectations of political economy models. In the two

bottom panels of Figure SM-1, we therefore sort individuals based on the exposure of their

communities to Chinese imports from 2000 to 2008 and tariffs imposed by China since 2018.
2

Residing in an area that was adversely affected by heightened imports or tariffs might lead

citizens to become more hostile to trade for reasons reflecting their perceived material interest

(Broz, Frieden, and Weymouth, 2021, p. 474). Yet again, despite the tendency for individuals

inhabiting localities that experienced greater Chinese imports and were targeted by Chinese

tariffs to be somewhat more hostile to trade than individuals living elsewhere, there is a

similar protectionist shift regardless of local imports or tariffs. In Figure SM-4, we show

that the pattern is essentially the same when we divide respondents into four groups instead

of two, by their level of skill and either (1) manufacturing communities, (2) exposure to

Chinese tariffs, or (3) exposure to imports from China.

In Figure SM-1, we show that opposition to international trade increased in the aftermath

of the COVID-19 outbreak regardless of respondents’ level of education, belonging to man-

ufacturing communities, and exposure to import competition or Chinese tariffs. In Figure

SM-2, we use the lower/upper quartiles to measure low/high levels of manufacturing or expo-

sure to import competition/tariffs, instead of relying on the median value of each measure.

In Figure SM-4, we divide respondents into four groups based on their professional skills

(measured by level of education) and their potential loss/benefit from international trade

1
In Figure SM-1, we divide respondents by the median level of manufacturing employment, exposure to

tariffs, and import competition in their Congressional districts. The results are substantively similar when
we use the lower and upper quartiles instead (Figure SM-2).

2
Using our measure of exposure to imports from China during 2013-2018 instead of 2000-2008 has no

bearing on the results (Figure SM-3).
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Figure (SM-1) Protectionist Preferences by Skill Level and Community Characteristics

(a) Skills

.2

.25

.3

.35

.4

Su
pp

or
t: 

lim
it 

tra
de

 w
ith

 o
th

er
 c

ou
nt

rie
s

-10 -5 0 5 10
Months from March 2020

Low-skilled
Highly-skilled

(b) Manufacturing

.2

.25

.3

.35

.4

Su
pp

or
t: 

lim
it 

tra
de

 w
ith

 o
th

er
 c

ou
nt

rie
s

-10 -5 0 5 10
Months from March 2020

Manufacturing % low
Manufacturing % high

(c) Import Competition

.2

.25

.3

.35

.4

Su
pp

or
t: 

lim
it 

tra
de

 w
ith

 o
th

er
 c

ou
nt

rie
s

-10 -5 0 5 10
Months from March 2020

Chinese import exposure low
Chinese import exposure high

(d) Targeted by Tariffs
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Note: Monthly support for limiting trade with other countries before and after the outbreak of COVID-19 in the U.S. by
potential loss from foreign trade. Panels (a)-(c) sort respondents by the median level of manufacturing employment, exposure
to tariffs, and import competition in their Congressional districts.

(as measured by the level of manufacturing in their district, exposure to import competition,

or exposure to Chinese tariffs).

Figure SM-3 shows monthly levels of opposition to overseas commerce by respondents’

exposure to import competition with China from 2013 to 2018. The results of all three

analyses are consistent with the original one (Figure SM-1): the anti-trade shift is similar

regardless of the level of potential loss/benefit from international trade as derived by the

measures we examine here.
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Figure (SM-2) Protectionist Preferences over Time, Lower and Upper Quartiles

(a) Skills
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(b) Manufacturing
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(c) Import Competition
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Note: This figure replicates the analysis in figure SM-1 using lower and upper quartiles of (1) manufacturing employment; (2)
exposure to Chinese tariffs; and (3) exposure to import competition with China at the congressional district level.
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Figure (SM-3) Opposition to Trade by Exposure to Import Competition with China, 2013-
2018
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Note: Monthly levels of opposition to international trade before and after the outbreak of Covid-19 by respondents’ exposure
to import competition with China in 2013 to 2018.
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Figure (SM-4) Protectionist Preferences over time by Groups of Contradicting Material
Interests

(a) Skills by Manufacturing
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(b) Skills by Tariffs
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(c) Skills by Import Competition
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Note: Monthly support for limiting trade with other countries before and after the outbreak of Covid-19 in the United States
in March 2020.
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Opposition to Overseas commerce and News Consumption

Figure (SM-5) Opposition to Trade by Source of News Consumption
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Note: Monthly levels of opposition to international trade before and after the outbreak of Covid-19, by respondents’ news
sources.

In the first part of this study, we examine how public opposition to foreign commerce

changed following the outbreak of the COVID-19 pandemic in the United States. We show

that the rise in opposition to trade occurred in various segments of society, cutting across

demographic, economic, and partisan lines. In Figure SM-5, we show that the increase in

opposition to foreign trade was also evident across respondents who consume news about

politics from different sources.

Respondents were asked: “We’re interested in where you might have heard news about

politics in the past week. Have you seen or heard news about politics on any of the following

outlets in the past week?” The trend line labeled “Fox News” (“CNN”) represents opposi-

tion to trade among respondents who have seen or heard news about politics on Fox News

(“CNN”), but not CNN or MSNBC (“Fox News”). “Diverse” denotes opposition to trade

among respondents who have seen or heard news about politics on both Fox News and either

CNN or MSNBC. Finally, the “Neither” category includes respondents who have not heard
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news about politics on Fox News, CNN, or MSNBC.

Despite large gaps in baseline levels of opposition to trade between Fox News viewers

and non-Fox News viewers, the figure shows that there was a steep increase in anti-trade

sentiments among both groups of viewers. That the anti-trade shift was strongest among

Fox News viewers (in percentage point terms) suggests that the politicization of COVID-19

by Donald Trump and a news outlet with a well-known pro-Trump slant played a role in this

public opinion shift. Nonetheless, this suggestive evidence also indicates that other sources

of influence were important, since non-Fox News viewers strongly turned against trade as

well.
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B Personal Pandemic Shocks, Nationscape

Table SM-2 presents a series of robustness tests that we describe in the main text. In

Table SM-1, we present the correlation across the three COVID exposure measures and the

COVID-related income shock. Table SM-3 reports the coefficients for all control variables

used in Table 1.

Table (SM-1) Correlation across measures of COVID exposure

Covid: Covid Covid Covid
respondent in family in workplace income shock

Covid: respondent 1
Covid in family 0.525 1
Covid in workplace 0.451 0.340 1
Covid income shock 0.017 0.048 0.097 1
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Table (SM-2) Cross-sectional analysis, robustness tests

(1) (2) (3) (4) (5) (6) (7)
LPM Logit LPM LPM LPM LPM LPM

Covid: respondent 0.225
∗∗

0.989
∗∗

0.225
∗∗

0.227
∗∗

0.231
∗∗

0.231
∗∗

0.229
∗∗

(0.057) (0.229) (0.057) (0.057) (0.057) (0.057) (0.059)
Covid income shock 0.037

∗
0.190

∗
0.037

∗
0.038

∗
0.040

∗
0.040

∗
0.037

∗

(0.016) (0.077) (0.016) (0.016) (0.016) (0.016) (0.016)
Targeted by Chinese tariffs 0.009

∗
0.051

∗
0.010

∗
0.011

∗∗
0.011

∗∗
0.006 –

(0.004) (0.022) (0.004) (0.004) (0.004) (0.007)
Chinese import shock, 2001-2008 0.004 0.019

(0.004) (0.021)
Favorability: Asians -0.035

∗∗
-0.179

∗∗
-0.035

∗∗

(0.003) (0.014) (0.003)
Chinese import shock, 2013-2018 0.002 0.001 0.001 -0.000 –

(0.003) (0.003) (0.003) (0.003)
Ingroup favoritism 0.022

∗∗

(0.003)
Outgroup favoritism -0.052

∗∗

(0.004)
Ethnocentrism 0.031

∗∗
0.031

∗∗
0.032

∗∗

(0.003) (0.003) (0.003)
Exposure to Mexican tariffs -0.006

(0.005)
Exposure to Canadian tariffs 0.019

∗∗

(0.007)
Exposure to EU tariffs -0.009

∗

(0.005)

Controls yes yes yes yes yes yes yes
State-week FE yes yes yes yes yes yes no
District-week FE no no no no no no yes
Observations 22956 22952 22956 22261 22257 22257 22260
R-squared 0.054 0.046 0.054 0.057 0.054 0.054 0.070

Note: The dependent variable is a binary indicator that equals 1 for respondents who were supportive of limiting trade with other
countries. All models control for respondents’ age, gender, household income, employment status, race, and party identification.
Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.
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Table (SM-3) COVID-19 shocks and opposition to international trade, full specification

(1) (2) (3) (4) (5) (6) (7)

Covid: respondent 0.238
∗∗

0.248
∗∗

0.233
∗∗

0.233
∗∗

0.227
∗∗

0.278
∗∗

0.284
∗∗

(0.048) (0.048) (0.056) (0.056) (0.056) (0.092) (0.094)
Covid in family 0.057 0.050 0.028 0.028 0.020 0.106 0.089

(0.048) (0.048) (0.052) (0.052) (0.051) (0.086) (0.089)
Covid in workplace 0.082

∗
0.068

∗
0.071

∗
0.072

∗
0.073

∗
0.076 0.085

(0.034) (0.034) (0.036) (0.036) (0.036) (0.061) (0.063)
Covid income shock 0.054

∗∗
0.037

∗
0.037

∗
0.035

∗
0.016 0.017

(0.012) (0.016) (0.016) (0.016) (0.023) (0.024)
Targeted by Chinese tariffs 0.010

∗
0.010

∗
0.009

∗
0.013

(0.004) (0.004) (0.004) (0.014)
Chinese import shock, 2001-2008 0.004 0.004 0.002 0.003

(0.004) (0.004) (0.004) (0.016)
Favorability: Asians -0.036

∗∗
-0.035

∗∗
-0.036

∗∗

(0.003) (0.003) (0.010)
Full-time employed 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
Self-employed -0.037

∗∗
-0.037

∗∗
-0.037

∗∗
-0.034

∗∗
0.038

(0.011) (0.011) (0.011) (0.012) (0.048)
Unemployed or temporarily on layoff -0.060

∗∗
-0.059

∗∗
-0.060

∗∗
-0.058

∗∗
-0.005

(0.011) (0.011) (0.011) (0.012) (0.041)
Retired -0.058

∗∗
-0.058

∗∗
-0.052

∗∗
-0.051

∗∗
-0.117

∗∗

(0.010) (0.010) (0.010) (0.010) (0.039)
other empstat -0.038

∗∗
-0.038

∗∗
-0.037

∗∗
-0.038

∗∗
-0.027

(0.008) (0.008) (0.008) (0.008) (0.030)
24,999 or less 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
25,000 to 49,999 -0.028

∗∗
-0.028

∗∗
-0.025

∗∗
-0.026

∗∗
-0.024

(0.008) (0.008) (0.008) (0.009) (0.032)
50,000 to 84,999 -0.032

∗∗
-0.032

∗∗
-0.026

∗∗
-0.029

∗∗
-0.011

(0.009) (0.009) (0.009) (0.009) (0.034)
85,000 and above -0.038

∗∗
-0.036

∗∗
-0.029

∗∗
-0.023

∗
0.016

(0.010) (0.010) (0.010) (0.010) (0.033)
Female 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
Male -0.016

∗∗
-0.016

∗
-0.013

∗
-0.014

∗
-0.039

+

(0.006) (0.006) (0.006) (0.006) (0.022)
Age 0.001

∗∗
0.001

∗∗
0.001

∗∗
0.001

∗∗
0.002

∗

(0.000) (0.000) (0.000) (0.000) (0.001)
High school or less 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
Some college/Associate/vocational -0.015

+
-0.014

+
-0.009 -0.007 0.014

(0.008) (0.008) (0.008) (0.008) (0.028)
College Degree -0.072

∗∗
-0.070

∗∗
-0.061

∗∗
-0.056

∗∗
-0.043

(0.009) (0.009) (0.009) (0.009) (0.032)
Some/completed grad degree -0.071

∗∗
-0.070

∗∗
-0.059

∗∗
-0.063

∗∗
-0.057

(0.011) (0.011) (0.011) (0.012) (0.039)
Not Hispanic 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
Hispanic -0.001 0.000 -0.000 0.001 0.007

(0.011) (0.011) (0.011) (0.011) (0.036)
White 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
Black 0.006 0.009 0.003 0.011 0.024

(0.009) (0.009) (0.009) (0.010) (0.032)
Asian -0.031

∗
-0.029

∗
-0.023

+
-0.019 -0.021

(0.014) (0.014) (0.014) (0.015) (0.055)
other 0.002 0.003 0.003 0.005 -0.045

(0.013) (0.013) (0.013) (0.013) (0.044)
Independent/other 0.000 0.000 0.000 0.000 0.000

(.) (.) (.) (.) (.)
Democrat -0.023

∗∗
-0.022

∗∗
-0.015

∗
-0.014

∗
-0.030

(0.007) (0.007) (0.007) (0.007) (0.026)
Republican 0.130

∗∗
0.129

∗∗
0.127

∗∗
0.122

∗∗
0.166

∗∗

(0.008) (0.008) (0.008) (0.009) (0.029)

Controls no no yes yes yes yes yes
State-week FE no no yes yes yes yes yes
Weeks from March 1 [-8,4] [-8,4] [-8,4] [-8,4] [-8,4] [-8,3] [3,3]
Observations 22956 22956 22956 22956 22956 21016 1716
R-squared 0.003 0.004 0.043 0.043 0.051 0.047 0.112

Note: Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.
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Our measure of opposition to trade is a binary variable that equals 1 if the respondent

supported limiting foreign trade. Below, we run the analysis again replacing our dependent

variable with two alternative measures: a 3-point scale: 1. support for trade; 2. “not sure”;

3. opposition to trade; and a dummy for respondents who oppose trade, except that “not

sure” responses are now dropped from the analysis instead of being treated as a neutral

stance on trade. Table SM-4 reports the results. The effect of contracting the coronavirus

remains substantively similar across all specifications. The effect of a COVID-19 income

shock, on the other hand, is statistically significant across all three measures only in the

longer term, when we widen the time window to the end of May 2020 (when data on the

income shock variable is still available).

Table (SM-4) Cross-sectional analysis, alternative outcome variables for opposition to in-
ternational trade

(1) (2) (3) (4) (5) (6)
0/1 1-3 0/1 0/1 1-3 0/1

NS=0 NS=2 NS dropped NS=0 NS=2 NS dropped

Covid: respondent 0.237
∗∗

0.413
∗∗

0.248
∗∗

0.180
∗∗

0.308
∗∗

0.185
∗∗

(0.056) (0.106) (0.064) (0.022) (0.040) (0.024)
Covid in family 0.026 0.016 0.004 0.062

∗∗
0.079

∗
0.051

∗

(0.052) (0.097) (0.060) (0.018) (0.032) (0.020)
Covid in workplace 0.070

+
0.094 0.055 0.034

∗∗
0.017 0.011

(0.036) (0.069) (0.041) (0.013) (0.025) (0.015)
Covid income shock 0.038

∗
0.028 0.026 0.023

∗∗
0.024

+
0.020

∗

(0.016) (0.029) (0.019) (0.007) (0.013) (0.009)

Controls yes yes yes yes yes yes
State-week FE yes yes yes yes yes yes
Weeks from March 1 [-8,4] [-8,4] [-8,4] [-8,13] [-8,13] [-8,13]
Observations 22956 22956 16733 40380 40380 29465
R-squared 0.042 0.052 0.065 0.059 0.066 0.085

Note: NS=Not Sure. The analysis presents the effect of personal COVID-19 shocks across three different measures of trade
preferences. (1) A dummy variable for respondents who oppose trade; (2) a 3-point scale (1. support for trade; 2. “not sure”;
3. opposition to trade); and (3) a dummy variable for respondents who oppose trade, where “not sure” responses are now
dropped from the analysis instead of being treated as a neutral stance on trade. Standard errors are in parentheses; + p < 0.10,
* p < 0.05, ** p < 0.01.
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Figure (SM-6) COVID-19 Outbreak and Salience

(a) COVID-19 Cases
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Note: This figure shows that the upsurge in COVID-19 cases and salience occurred during March 2020. The left panel presents
new daily COVID-19 cases from March 1. Raw data on confirmed COVID-19 cases for the United States is taken from “Our
World in Data” and sourced from the COVID-19 Data Repository by the Center for Systems Science and Engineering (CSSE)
at Johns Hopkins University. The right panel shows relative intensity of Google searches of the keywords “Coronavirus” (in
gray) and “COVID” (in black) in the United States.

One of our analyses focuses on the outbreak of the pandemic in the United States in March

2020. As Figure SM-6 shows, it was during this month that the virus started spreading widely

(left panel) and the public’s awareness and active information-seeking about the virus peaked

(right panel). Google searches using the term “Coronavirus” peaked in the second week of

March, between March 8 and March 15, and searches using the term “COVID” peaked in

the following week, between March 15 and March 22.

One of the reasons we focus on the early stage of the pandemic using the cross-sectional

data from Nationscape
3
is that partisan gaps in COVID-19 cases and deaths were much

more modest then compared to later stages, when the deepening politicization of the coro-

navirus shaped voters’ compliance with risk-reduction measures depending on their party

identification. Specifically, at the start of the pandemic, it was Democratic counties in ma-

jor metropolitan areas that experienced a surge in COVID-19 cases and deaths (Gollwitzer

et al., 2020). On the other hand, opposition to international trade has been greater among

Republican voters in recent decade, especially since Trump’s trade war with China. If the

observed effect of contracting the coronavirus represents a spurious association between party

3
An evaluation of the representativeness of Nationscape’s data, conducted by replicating reliable large-

sample government surveys, showed that its estimates were as close to the government survey targets as the
online samples compiled by the Pew Research Center (Holliday et al., 2021).
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Figure (SM-7) COVID-19 Cases by Party Identification
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Note: Weekly share of COVID-19 cases reported by Republican and Democratic respondents of the Nationscape survey. The
vertical lines delimit the first five weeks from March 1, 2020 (until April 5).

identification and trade preferences, we should expect to find that contracting the virus is

negatively correlated with opposition to trade at the start of the pandemic, when Democratic

voters were more likely to contract the coronavirus, but positively correlated with opposition

to trade in later stages, when Republican voters became disproportionately more likely to

contract the virus.

In Figure SM-7, we show that at the third week following March 1, 2020, Democratic

voters were slightly more likely than republicans to report that they were sick with the

coronavirus. As column 7 in Table 1 shows, however, restricting the analysis to this week

does not change the results: the effect of a COVID-19 infection on opposition to overseas

commerce remains positive, sizable, and statistically significant.

An examination of Figure SM-7 raises another issue, however: respondents in the Nation-

scape survey over-reported having been sick with the coronavirus. Overall, they represent

3.7% of the sample in the last two weeks of March (taking all voters into account, rather than

those who identify as Democratic or Republican voters). In contrast, detected COVID-19

cases represented 0.06% of the U.S. population by the end of March.

In this study, we explore the nationwide effect of the COVID-19 outbreak on public

attitudes towards international trade and the effect of personal pandemic shocks, including

contracting the coronavirus. The over-reporting of contracting the virus is most relevant to

the latter goal. Importantly, consistent with our analysis of the Nationscape data, we find
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that contracting COVID-19 increased opposition to overseas commerce using the YouGov

panel, in which the share of respondents reporting they have been sick with the virus (3.36%)

is very similar to the share of positive cases in the U.S. population at the time of the survey

between November 13 (3.1%) and December 7, 2020 (4.4%). Nevertheless, we conduct a

number of robustness tests to assess the extent to which our results stem from COVID-19

over-reporting in the Nationscape survey.

The higher share of self-reported cases in Nationscape might be the result of: (1) non-

attentive respondents who randomly answered “yes” to the question about a personal COVID

infection; (2) over-sampling sub-populations more exposed to the virus, especially in the

initial stage of the outbreak; (3) symptomatic respondents who contracted the virus, but were

not able to get tested and therefore not recorded in official statistics; and (4) symptomatic

respondents who falsely thought they contracted the virus.

First, to deal with inattentive respondents, Nationscape removed respondents from the

final sample each week if they sped through the survey in fewer than six minutes. Na-

tionscape also removed respondents for straight-lining the three policy-based grid questions.

Approximately 7.9% of the completed cases were removed based on these criteria.
4
Second,

below we show that the effect of a COVID-19 infection remains significant using sampling

weights.

Third, recent research estimates that only a small fraction of positive COVID-19 cases

were detected and documented in public health reports based on testing—especially in the

early stages of the pandemic. Results from serologic testing from March 23 through May 12,

2020 estimated that the number of COVID-19 infections was greater than 10 times than the

number of reported cases (Havers et al., 2020). Simulations based on a Bayesian inference

algorithm or a simple probabilistic multiplier model yielded similar results, showing that the

national ascertainment rate was as low as 11.3% in March (Pei et al., 2021; Reese et al.,

2021). Taking the ascertainment rate into account, the share of respondents who reported

they have been sick with COVID-19 using the January-to-March subsample is similar to the

estimated rate of COVID-19 in the U.S. population by the end of March (see Table SM-5).

Yet using observations collected in the last two weeks in March, the subsample’s COVID-19

rate is still considerably higher than the estimated rate in the general population.

We use data on COVID-19 cases in respondents’ districts to correct for this over-reporting.

Specifically, we generate three new indicator variables—Covid corrected-100, Covid corrected-

1,000, and Covid corrected-2,000—that are equal to 1 if respondents self-reported they have

4
We thank Chris Tausanovitch and the Nationscape research team for providing this information.
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been sick with COVID-19 and are living in districts where there were at least 100, 1,000,

and 2,000 weekly positive COVID-19 cases, respectively. The idea underlying this test is

that “treated” respondents who live in areas where the virus is not spreading are more likely

to be either false positive cases or true positive cases that did not get tested and therefore

could not be sure they have been sick with COVID-19.

As Table SM-5 shows, the COVID-19 rate in the March subsample is fairly similar to

the estimated rate in the U.S. population when we rely on the corrected-2000 measure.

Moreover, the sample’s COVID-19 rate derived by our original, non-corrected measure of

contracting the coronavirus mirrors the detected COVID-19 rate in the population when we

pool all of the observations collected in 2020 (5.5%), and it is between the detected and

estimated COVID-19 rate when we focus on respondents who answered the survey in the

last couple of weeks of December (11.9%).

Table (SM-5) A comparison of the COVID-19 rate in the population and the Nationscape
sample

Jan.-March March Jan.-Dec. Dec.
Ascertainment rate (%) 10 24.5
Population
Detected 0.06 5.99
Estimated 0.57 24.46
Nationscape Sample
Original measure 0.59 3.71 5.54 11.91
Corrected-1000 0.41 2.57 – –
Corrected-2000 0.12 0.76 – –

Note: The Ascertainment rate is based on Havers et al. (2020) for March 2020 and on Pei et al. (2021) for December 2020.

We use these corrected measures to examine whether Democrats are still more likely than

Republicans to report they contracted the coronavirus in the early stage of the pandemic.

We also use the corrected measures, as well as the pooled January-to-December data, to

examine whether the effect of contracting the virus changes when the the share of treated

respondents better mirrors the true share of positive COVID-19 cases in the U.S. population.

First, reassuringly, the prevalence of self-reported COVID-19 rate in our sample is almost

identical when using the Covid corrected-100 measure (0.59% compared to 0.58%, see Table

SM-6), which suggests that self-reported cases were quite rare in districts with less than 100

positive cases.

Moreover, as Figure SM-8 shows, using the latter two corrected measures reduces the

prevalence of a COVID-19 infection but does not change the finding that Democrats were

more likely than Republicans to contract the virus in the third week following March 1,

SM-17



2020. On the contrary, based on the most restrictive corrected measure, Covid corrected-

2000, Democrats were, if anything, more likely than Republicans to report they have been

sick with the coronavirus until the seventh week following March 1.

Figure (SM-8) COVID-19 cases by party identification, corrected measures

(a) Covid corrected-1,000
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(b) Covid corrected-2,000
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Second, In Table SM-6, we use the original and corrected measures to assess whether

the effect of a COVID infection on trade attitudes changes when the prevalence of positive

COVID-19 cases in our sample is more similar to the rate of positive COVID-19 cases in the

general U.S. population. Column 1 first shows that in the pooled 2020 sample—where the

share of respondents who reported they have been sick with COVID-19 in the Nationscape

sample (5.54%) is fairly similar to the proportion of (cumulative) positive cases of COVID-19

in the U.S. population by the end of 2020—the effect of contracting COVID-19 is still positive,

sizable, and statistically significant. Similarly, the effect remains significant and large when

focusing on the time window we use in our main analysis, [-8,4], but replacing the original

treatment with the corrected measures of contracting the coronavirus. Taken together, we

find no evidence suggesting that the effect of COVID-19 on trade attitudes stems from

respondents’ over-reporting of personal exposure to COVID-19 in the Nationscape survey.

Next, we examine the effect of COVID-19 morbidity and mortality at the congressional

district level on opposition to foreign trade. Of course, it is not necessary that regional

and personal exposure to COVID-19 will have a similar effect. It might be the case that

people turn against trade only when they contract the virus, but adhere to their stance on

trade in response to rising COVID-19 cases or deaths at their local community. However,

if regional exposure to COVID-19—measured using laboratory-confirmed case data—is also

associated with stronger opposition to trade, this should mitigate concerns about our self-
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Table (SM-6) Effect of COVID-19 on trade attitudes, corrected measures

(1) (2) (3) (4) (5)
Jan.-Dec. 2020 Jan.-Mar. 2020

Covid: respondent 0.148
∗∗

0.239
∗∗

(0.008) (0.055)
Covid: respondent, corrected-100 0.248

∗∗

(0.055)
Covid: respondent, corrected-1000 0.264

∗∗

(0.061)
Covid: respondent, corrected-2000 0.201

∗

(0.100)

Controls yes yes yes yes yes
State-week FE yes yes yes yes yes
Weeks from March 1 [-8,43] [-8,4] [-8,4] [-8,4] [-8,4]
Observations 88499 23186 23186 23186 23186
R-squared 0.064 0.043 0.043 0.043 0.042

Covid rate, % population 5.99 0.06 0.06 0.06 0.06
Corrected Covid rate, % population 31.00 0.52 0.52 0.52 0.52
Covid rate, % sample 5.54 0.59 0.58 0.41 0.12
Treated obs., sample 4,905 137 135 95 28

Note: Coefficients are estimated using LPM, with standard errors in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.

reported measure from Nationscape to some extent. In addition, the analysis also provides

a robustness test that assesses the effect of a personal COVID infection when the spread of

COVID-19 in respondents’ districts is held constant.

As Table SM-7 shows, the effect of personal COVID-19 shocks remains significant across

all four specifications. Furthermore, respondents who live in districts where weekly COVID-

19 deaths are one standard deviation higher are 1.5 percentage points more likely to take an

anti-trade stance. The association between the number of COVID-19 cases in respondents’

districts and opposition to trade, on the other hand, is weak and statistically indistinguish-

able from zero.

The Nationscape survey provides weights using a simple raking technique to represent the

target U.S. population on the following factors: gender, the four major census regions, race,

Hispanic ethnicity, household income, education, age, language spoken at home, nativity

(U.S.-born or foreign-born), 2016 presidential vote, and the urban-rural mix of the respon-

dent’s ZIP code; and on the following interactions: Hispanic ethnicity by language spoken

at home, education by gender, gender by race, race by Hispanic origin, race by education,

and Hispanic origin by education.

In Table SM-8, we use these weights in a set of linear regressions of opposition to inter-

national trade on our indicators of personal pandemic shocks. In columns 1-5, we gradually

add control variables, week and state fixed effects using the main time window used in the
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Table (SM-7) COVID-19 cases and deaths in respondents’ districts and opposition to trade

(1) (2) (3) (4)

Covid: respondent 0.239
∗∗

0.238
∗∗

0.237
∗∗

0.237
∗∗

(0.056) (0.056) (0.056) (0.056)
Covid in family 0.027 0.027 0.027 0.026

(0.052) (0.052) (0.052) (0.052)
Covid in workplace 0.074

∗
0.076

∗
0.077

∗
0.078

∗

(0.036) (0.036) (0.036) (0.036)
Covid income shock 0.036

∗
0.036

∗
0.036

∗
0.036

∗

(0.016) (0.016) (0.016) (0.016)
Covid deaths (weekly, lagged) 0.010

∗
0.015

∗
0.015

∗

(0.005) (0.007) (0.007)
Covid cases (weekly, lagged) -0.006 -0.006

(0.006) (0.006)
Targeted by Chinese tariffs 0.010

∗∗

(0.004)
Chinese import shock, 2001-2008 0.004

(0.004)

Controls yes yes yes yes
State-week FE yes yes yes yes
Weeks from March 1 [-8,4] [-8,4] [-8,4] [-8,4]
Observations 23186 23186 23186 23186
R-squared 0.043 0.043 0.043 0.043

Note: The table reports LPM estimations of opposition to trade on self-reported Covid infections and congressional district-level
cases and deaths as recorded in official statistics. Source of COVID-19 metrics for the congressional districts: the Geographic
Insights Lab at the Harvard Center for Population and Development Studies, Harvard Center for Geographic Analysis, and
Microsoft AI for Health, available at: https://geographicinsights.iq.harvard.edu/coviduscongress. Standard errors are in paren-
theses; + p < 0.10, * p < 0.05, ** p < 0.01.

main analysis ([-8,4]). Then, in columns 6-9, we narrow or widen the time window, from

the narrowest window, which is restricted to the third week following March 1 to the widest

window, which begins in January 1 and ends at the last day of December 2020 (data on the

Covid income shock variable is only available until week 13). The findings indicate that the

effect of contracting the coronavirus remains substantively large and statistically significant

across all specifications. Consistent with the main results, the effect of a COVID-related

income shock becomes statistically insignificant in the narrower time windows, but is signif-

icant in the wider [-4,13] time window. Overall, the estimates from the weighted regression

analysis are consistent with the effects of personal shocks found in the main analysis.
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Table (SM-8) Cross-sectional analysis with survey weights

(1) (2) (3) (4) (5) (6) (7) (8) (9)

Covid: respondent 0.248
∗∗

0.234
∗∗

0.201
∗∗

0.202
∗∗

0.205
∗∗

0.359
∗∗

0.360
∗∗

0.177
∗∗

0.168
∗∗

(0.038) (0.037) (0.038) (0.038) (0.038) (0.064) (0.068) (0.017) (0.007)
Covid income shock 0.060

∗∗
0.069

∗∗
0.032

∗
0.033

∗
0.031

∗
0.011 0.037 0.037

∗∗

(0.012) (0.012) (0.015) (0.015) (0.015) (0.021) (0.024) (0.007)
Targeted by Chinese tariffs 0.009

∗∗
0.014

∗∗
0.012

∗∗
0.009 0.009

∗∗
0.010

∗∗

(0.003) (0.004) (0.004) (0.016) (0.003) (0.002)
Chinese import shock, 2001-2008 0.000 -0.003 -0.006 -0.015 -0.002 -0.005

∗

(0.003) (0.004) (0.004) (0.014) (0.003) (0.002)

Controls no yes yes yes yes yes yes yes yes
Week FE no no yes yes yes yes yes yes yes
State FE no no no no yes yes yes yes yes
Weeks from March 1 [-8,4] [-8,4] [-8,4] [-8,4] [-8,4] [-8,3] [3,3] [-8,13] [-8,43]
Observations 23186 23186 23186 23186 23186 21226 1730 36598 89021
R-squared 0.003 0.038 0.041 0.041 0.047 0.046 0.145 0.061 0.065

Note: Weights were constructed by Nationscape to hit national targets in terms of a specified set of characteristics: gender, census region, Hispanic ethnicity, race,
education, age, household language, and country of birth. Weights were derived by directly comparing responses in the Nationscape survey with responses to the
American Community Survey. Entries are LPM estimated with standard errors in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.
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Entropy Balancing

We address the concern that the effect of contracting the coronavirus is a spurious associa-

tion stemming from systematic differences between treated and nontreated respondents in a

number of ways. (1) Including temporal and spatial fixed effects and controlling for multiple

confounding factors, including partisanship. (2) Restricting the analysis to a narrow window

of time, in which Democrats voters were more likely than Republicans to contract the virus.

(3) Using panel data that tracks the same respondents before and after their exposure to a

COVID-19 infection and employing a difference-in-differences design. Below, we use entropy

balancing to adjust for unbalanced covariate distributions (Hainmueller, 2012).

Table (SM-9) Balance over exposure to personal COVID-19 infection and entropy balancing

(a) Before entropy balancing Treated Control
mean variance skewness mean variance skewness

Targeted by Chinese tariffs 0.086 0.002 0.967 0.099 0.003 0.874
Chinese import shock 0.760 0.251 1.680 0.710 0.163 2.033
Full-time employed 0.723 0.202 -0.995 0.400 0.240 0.409
Self-employed 0.058 0.055 3.767 0.069 0.065 3.390
Unemployed 0.044 0.042 4.459 0.079 0.073 3.124
Retired 0.029 0.029 5.593 0.150 0.128 1.959
Annual household income 12.423 71.143 -0.080 9.369 48.482 0.472
Female 0.328 0.222 0.730 0.541 0.248 -0.165
Age 34.796 147.487 1.178 44.568 263.021 0.186
Some college 0.263 0.195 1.078 0.387 0.237 0.462
College degree 0.197 0.159 1.523 0.207 0.164 1.445
Some/completed grad degree 0.321 0.220 0.766 0.127 0.111 2.239
White 0.657 0.227 -0.661 0.744 0.190 -1.120
Black 0.197 0.159 1.523 0.124 0.109 2.278
Asian 0.051 0.049 4.077 0.043 0.041 4.501
Democrat 0.467 0.251 0.132 0.353 0.228 0.617
Republican 0.401 0.242 0.402 0.305 0.212 0.845
(b) After entropy balancing Treated Control

mean variance skewness mean variance skewness
Targeted by Chinese tariffs 0.086 0.002 0.967 0.085 0.002 0.761
Chinese import shock 0.760 0.251 1.680 0.759 0.250 2.327
Full-time employed 0.723 0.202 -0.995 0.721 0.201 -0.986
Self-employed 0.058 0.055 3.767 0.058 0.055 3.763
Unemployed 0.044 0.042 4.459 0.044 0.042 4.454
Retired 0.029 0.029 5.593 0.029 0.028 5.577
Annual household income 12.423 71.143 -0.080 12.402 71.019 -0.075
Female 0.328 0.222 0.730 0.328 0.221 0.731
Age 34.796 147.487 1.178 34.740 147.359 0.853
Some college 0.263 0.195 1.078 0.263 0.194 1.078
College degree 0.197 0.159 1.523 0.197 0.158 1.522
Some/completed grad degree 0.321 0.220 0.766 0.321 0.218 0.766
White 0.657 0.227 -0.661 0.656 0.226 -0.655
Black 0.197 0.159 1.523 0.197 0.158 1.522
Asian 0.051 0.049 4.077 0.051 0.049 4.074
Democrat 0.467 0.251 0.132 0.466 0.249 0.135
Republican 0.401 0.242 0.402 0.401 0.240 0.404

Note: Panel (a) compares the characteristics of respondents who reported they were sick with COVID-19 and their non-treated
counterparts. Panel (b) presents balance across the same covariates after reweighting the sample using entropy balancing.

By reweighting the sample units, entropy balancing ensures that treated and nontreated
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groups of observations are similar in terms of their observed characteristics. As panel (a) in

Table SM-9 shows, compared to their counterparts (”control”), respondents who reported

they have been sick with COVID-19 (“treated”) are 10 years younger and are more likely to

be full-time employed, highly-educated, and to identify with one of the two major political

parties, to name a few differences in key characteristics. In the reweighted sample (see the

lower panel), control units are weighted to adjust for these imbalances.

We apply the same procedure twice, first with the COVID infection treatment and a

second time with the COVID income shock treatment. Table SM-10 shows that the results

remain intact with entropy balancing: the effect of both types of personal COVID shocks

is statistically significant and remains similar in magnitude compared to our estimates from

the main analysis.

Table (SM-10) Effect of personal COVID-19 shocks on opposition to trade, reweighted
sample

(1) (2)

Covid: respondent 0.269
∗∗

(0.041)
Covid income shock 0.030

+

(0.016)

Controls yes yes
State-week FE yes yes
Observations 23186 23186
R-squared 0.237 0.062

Note: Entries are LPM estimates using the [-8,4] time window (see column 4 in Table 1) and the reweighted sample using
entropy balancing method to achieve covariate balance. In column 1, we define a COVID infection as the treatment, whereas
a COVID income shock is defined as the treatment in column 2. Standard errors are in parentheses; + p < 0.10, * p < 0.05, **
p < 0.01.
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C Personal Pandemic Shocks, YouGov Panel

Table (SM-11) Two-way fixed effects models and alternative outcome variables

(1) (2) (3) (4) (5) (6) (7) (8) (9) (10)
level 0-1 shift 0/1 level 1-3 level 0/1 shift 0/1
DK=0 DK=0 DK=2 DK dropped DK counted

Layoff 0.085
+

0.087
+

0.078 0.064 0.009
(0.050) (0.051) (0.102) (0.052) (0.072)

Covid: respondent 0.100
∗

0.117
∗∗

0.227
∗∗

0.132
∗∗

0.128
∗

(0.040) (0.040) (0.081) (0.043) (0.057)
Post-covid wave 0.034

∗∗
0.032

∗∗
0.032

∗∗
0.030

∗∗
0.089

∗∗
0.082

∗∗
0.025

∗∗
0.021

∗∗
0.039

∗∗
0.034

∗∗

(0.008) (0.008) (0.008) (0.008) (0.016) (0.016) (0.008) (0.008) (0.011) (0.011)

Individual-year FE yes yes yes yes yes yes yes yes yes yes
Observations 4854 4854 4854 4854 4854 4854 4015 4015 4854 4854
R-squared 0.014 0.016 0.013 0.016 0.019 0.023 0.008 0.014 0.007 0.010

Note: Two-way fixed effects estimates. DK=Don’t Know. The analysis presents the effect of personal shocks (a COVID-19
infection and a layoff) across five different measures of trade preferences. (1) a dummy for respondents who oppose trade; (2)
a dummy for respondents who are currently against trade but were neutral or favorable toward trade in the previous wave. (3)
a 3-point scale: 1. support for trade; 2. don’t know; 3. opposition to trade; (4) like outcome #1, except that “don’t know”
responses are now dropped from the analysis instead of being treated as a neutral stance on trade; and (5) like outcome #2,
except that a shift from a a pro-trade position to “don’t know” is now considered as an anti-trade shift. Standard errors in
parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.
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Figure (SM-9) Predictors of anti-trade shifts, replacing ethnocentric predispositions with
change in ethnocentrism

Layoff
Covid: respondent

Covid: family
Covid: coworker

Covid: friend
∆Ethnocentrism

∆Household Income
Age

Male
Female

Independent/other
Democrat

Republican

White
Black

Hispanic
Asian
other

No HS
High school graduate

Some college
2-year
4-year

Post-grad

Gender

Party ID

Race/ethnicity

Education

-.15 -.1 -.05 0 .05 .1 .15
Effect on Pr(anti-trade shift)

Note: Correlates of anti-trade shifts in the aftermath of COVID-19. Dots with horizontal lines indicate point estimates with
95% confidence intervals from a linear regression. The dots on the dashed zero line mark the reference category for each
respondent characteristic.
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Table (SM-12) Characteristics of voters who became anti-trade vs. those who remained
pro-trade

Pro-trade, no shift Anti-trade shift
Mean SE Mean SE

Female 0.52 (0.01) 0.59 (0.03)
Age 58.20 (0.27) 58.67 (0.80)
Income (thousands) 82.61 (1.36) 77.68 (4.07)
Education
No high school 0.03 (0.00) 0.03 (0.01)
High school graduate 0.26 (0.01) 0.41 (0.03)
Some college 0.20 (0.01) 0.22 (0.03)
2-year 0.10 (0.01) 0.08 (0.02)
4-year 0.24 (0.01) 0.17 (0.02)
Post-grad 0.18 (0.01) 0.08 (0.02)
Employment status
Full-time job 0.41 (0.01) 0.43 (0.03)
Part-time job 0.08 (0.01) 0.06 (0.02)
Temporarily laid off 0.02 (0.00) 0.06 (0.01)
Unemployed 0.04 (0.00) 0.04 (0.01)
Retired 0.31 (0.01) 0.26 (0.03)
Party ID
Democrat 0.38 (0.01) 0.13 (0.02)
Republican 0.30 (0.01) 0.54 (0.03)
Independent/other 0.30 (0.01) 0.31 (0.03)
Race
White 0.79 (0.01) 0.81 (0.03)
Black 0.08 (0.01) 0.03 (0.01)
Hispanic 0.07 (0.01) 0.09 (0.02)
Asian 0.02 (0.00) 0.02 (0.01)

In the main text, we show that the effect of a personal COVID infections and unem-

ployment shocks was concentrated in Republican-leaning individuals and consistent with

the theory of partisan motivated reasoning. Here, we examine whether the effects of per-

sonal pandemic shocks are driven by other mechanisms as well. For example, these shocks

might promote hostility toward Asians, if people blame Asians for the pandemic. We have

found that such hostility is also associated with protectionist attitudes. It is also possible

that personal pandemic shocks promote isolationism, if directly experiencing the effects of

COVID-19 leads individuals to believe that the government should focus more on domestic

issues and policies and place less emphasis on foreign affairs. Further, there is evidence that

isolationism is associated with anti-trade views (Mansfield and Mutz, 2009).

Due to data limitations in the YouGov survey, we are only able to measure one feature

of isolationism—attitudes toward immigration. While focusing on this single feature limits

our ability to fully establish the mediating effect of isolationism, it is still useful for the

purposes of testing a clear observable implication of an isolationism-centered explanation,

and of ruling out this mechanism if it fails the test.

The findings in Table SM-13 indicate that neither favorability toward Asians nor im-
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migration policy preferences account for the effect of personal COVID-related shocks on

public opposition to overseas commerce. Neither variable is significantly related to personal

pandemic shocks. Furthermore, they have no influence on rising opposition to trade and

including them has no bearing on the observed effects of a COVID-19 inflection or a layoff.

Table (SM-13) Causal mediation analysis

(1) (2) (3) (4)
Restrict immigration Anti-Asians Anti-Trade Anti-Trade

Covid infection -0.048 -0.051 0.084
∗

0.083
∗

(0.058) (0.037) (0.042) (0.042)
Layoff -0.072 -0.002 0.084

+
0.085

+

(0.068) (0.043) (0.049) (0.049)
Anti-Asians -0.024

(0.026)
Restrict immigration 0.016

(0.017)

Individual-year FE yes yes yes yes
Observations 4775 4775 4775 4775
R-squared 0.002 0.004 0.023 0.024

Note: Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.
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D Partisan Motivated Reasoning, Additinoal Results

In the main text, we show that Republican-leaning voters express greater hostility toward

trade if they experienced a personal pandemic shock, whereas Democratic-leaning voters

do not. In Table SM-14, instead of associating Independent voters with one of the two

parties based on their relative affinity to each party, we present the results separately for

Independent, Democrat, and Republican respondents. The table shows that both Republican

and Independent voters are likely to turn more opposed to trade following personal pandemic

shocks, although the results are statistically significant for only one of the personal shocks

for each group: Republicans after experiencing an unemployment shock, and Independents

after contracting the Coronavirus.

Table (SM-14) TWFE models, by party id

(1) (2) (3) (4) (5) (6) (7) (8)
DV: Anti-trade Pre-treatment placebo: Anti-trade, t-1
Sample: Full Democrats Republicans Independents Full Democrats Republicans Independents

Covid infection 0.107
∗

-0.000 0.088 0.167
∗

-0.005 -0.132 0.049 0.025
(0.044) (0.074) (0.091) (0.070) (0.043) (0.084) (0.084) (0.065)

Layoff 0.088 -0.016 0.248
∗

0.111 -0.015 0.082 -0.028 -0.042
(0.054) (0.069) (0.124) (0.102) (0.053) (0.079) (0.116) (0.096)

Covariates yes yes yes yes yes yes yes yes
Individul-year FE yes yes yes yes yes yes yes yes
Observations 4393 1699 1264 1430 4393 1699 1264 1430
R-squared 0.032 0.044 0.091 0.058 0.024 0.049 0.074 0.034

Note: The analysis reports TWFE estimates for the effect of COVID infection and a layoff separately by party affiliation (before
the outbreak, in November 2019). Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.

One explanation for these results centers on support for Trump. Specifically, a segment

of the Republican Party was comprised of “never-Trumpers” (Barber and Pope, 2019). The

friction between Trump and the Republican establishment alienated some traditional Re-

publican voters (Bartels, 2018), rendering them less susceptible to Trump’s framing and

politicization of the pandemic. Given the tenuous relationship between Trump and many

Republicans, some observers have emphasized that shared party affiliation may not always

promote the trust and credibility that are typically critical to acceptance of a cue (Barber

and Pope, 2019, p. 47). And recent evidence indicates that Americans’ attitudes toward

COVID-19 more strongly reflect “Trumpism” than partisanship (Kaushal et al., 2022).

We find support for these claims and findings. In Table SM-15, we show that the same

pattern exists when we replace partisanship with support for Trump. We sort respondents

by their approval of Trump in 2019 to avoid post-treatment bias. The results reveal that

the anti-trade shift in response to personal pandemic shocks is driven by Trump supporters,

while those shocks have no impact on the trade attitudes of individuals who disapprove of
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Trump. In this case as well, neither personal pandemic shock is associated with pre-treatment

opposition to trade, which is consistent with a causal interpretation of the results.

Table (SM-15) TWFE models, by (Pre-Treatment) Approval of Trump

(1) (2) (3) (4) (5) (6)
DV:

Subset:
Anti-trade
Full sample

Anti-trade
Approve Disapprove

Anti-trade (t-1)

Approve Disapprove

Covid infection -0.055 0.090
∗

0.136
+

-0.002 0.065 -0.047
(0.063) (0.042) (0.072) (0.046) (0.065) (0.055)

Covid infection X Approves Trump 0.246
∗∗

(0.084)
Layoff 0.093

+
-0.056 0.163

+
-0.011 -0.046 0.059

(0.049) (0.068) (0.089) (0.051) (0.081) (0.060)
Layoff X Approves Trump 0.284

∗∗

(0.097)

Individul-year FE yes yes yes yes yes yes
Observations 4729 4729 2017 2712 2017 2712
R-squared 0.028 0.028 0.093 0.017 0.035 0.028

Note: The analysis reports TWFE estimates for the effect of COVID infection and a layoff separately for those who approved
the way Donald Trump is handling his job as President and those who disapproved it (before the outbreak, in November 2019).
Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.

Given the politicization of both foreign trade and the COVID-19 pandemic in the U.S.,

One of the observable implications of the partisan motivated reasoning and selective blame

attribution explanation is that Republicans were more likely than Democrats to: (1) blame

China for the spread of COVID-19 and (2) associate their perceived threat from China with

international trade. Since the data-sets we use do not include attitudes toward China or any

other major U.S. trade partners, we turn to the Gallup Poll Social Series (GPSS). Every

February since 2000, this survey asks a representative cross-section of Americans about

attitudes toward various issues related to world affairs. To measure Americans’ attitudes

toward international trade and foreign countries more generally, the GPSS uses the following

survey items:

1. Trade attitudes: “What do you think foreign trade means for America? Do you see

foreign trade more as – an opportunity for economic growth through increased U.S. exports

or a threat to the economy from foreign imports?”

2. Opinion of foreign countries: “Next, I’d like your overall opinion of some foreign

countries. First, is your overall opinion of [RANDOM ORDER] very favorable, mostly

favorable, mostly unfavorable, or very unfavorable? How about – [INSERT NEXT ITEM]?”

We code a binary variable for perceived threat from trade (Threat to economy=1; Op-

portunity for economic growth/neither/both=0), and a set of binary indicators for negative

sentiments toward the three major trade partners of the United States: China, Canada, and

Mexico (1=Favorable; 0=Unfavorable). To capture partisans’ responses to COVID-19, we
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code an indicator variable that equals 1 for respondents interviewed in the first post-COVID

survey wave, and 0 otherwise. Since we control for year fixed effects by including dummies

for every survey year except 2020 and 2021, the post-covid variable captures attitudinal

changes from February 2020, just before the pandemic’s outbreak in the U.S., to February

2021, the only post-pandemic wave in the data-set. All linear probability models control

for respondents’ gender, age, level of education, employment status, level of income, and

race. When we rely on the entire sample of voters, we also control for respondents’ party

identification (Republican, Independent, or Democrat).

Table SM-16 first shows that Republicans tend to hold more unfavorable attitudes toward

China than Democrats regardless of the COVID-19 outbreak. Second, both Republicans’ and

Democrats’ attitudes toward China became more negative in the aftermath of the COVID-19

outbreak. Republicans turned somewhat more unfavorable toward China than Democrats,

but the difference is quite small. Third, unlike the case of China, there is no post-COVID

change in either Republicans’ or Democrats’ attitudes toward Mexico or Canada.

Table (SM-16) Attitudes toward Major Trade Partners after the Pandemic’s Outbreak by
Partisanship

(1) (2) (3) (4) (5) (6) (7) (8) (9)
DV:

Subset:
Anti-China

All Rep Dem
Anti-Mexico

All Rep Dem
Anti-Canada

All Rep Dem

Post-COVID 0.150
∗∗

0.161
∗∗

0.120
∗∗

0.026 0.009 0.020 -0.018 -0.021 0.001
(0.026) (0.050) (0.021) (0.031) (0.051) (0.033) (0.011) (0.020) (0.009)

Republican 0.057
∗∗

0.084
∗∗

0.045
∗

(0.019) (0.018) (0.022)
Democrat -0.066

∗∗
-0.122

∗∗
-0.008

(0.024) (0.014) (0.015)

Controls yes yes yes yes yes yes yes yes yes
State-year FE yes yes yes yes yes yes yes yes yes
Observations 12995 6024 6112 13056 6052 6133 13166 6073 6197
R-squared 0.080 0.106 0.065 0.107 0.099 0.086 0.042 0.075 0.036

Note: Gallup Poll Social Series. All linear probability models control for respondents’ gender, age, level of education, employ-
ment status, level of income, and race. Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.

However, as Table SM-17 shows, while both groups of voters exhibited an anti-China

shift after the pandemic’s outbreak, this shift was also associated with trade attitudes only

for Republicans. Before COVID-19, both Republican and Democratic voters who held an

unfavorable opinion of China were approximately 9 percentage points more likely to oppose

trade. Yet after the COVID-19 outbreak, no change in the perceived threat from trade

is detected either among Democrats whose overall opinion of China is favorable or among

Democrats whose opinion of China is unfavorable. For Republican voters, on the other hand,
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an unfavorable opinion of China was associated with much stronger perceived threat from

international trade after the outbreak of COVID-19. In sum, the protectionist shift among

Republican voters was strongly associated with their rising opposition to China. Given the

differences in elite cuing regarding COVID-19 and foreign trade, these results are consistent

with the theory of partisan motivated reasoning and selective blame attribution.

Table (SM-17) Attitudes toward Trade, China, and Partisanship after COVID-19

(1) (2) (3)
DV:

Subset:
Trade threat

All
Trade threat
Republicans

Trade threat
Democrats

Post-COVID 0.054
∗

0.100 0.035
(0.022) (0.073) (0.039)

Anti-China 0.093
∗∗

0.096
∗∗

0.088
∗∗

(0.007) (0.014) (0.010)
Post-COVID X Anti-China 0.098

∗∗
0.185

∗∗
0.010

(0.034) (0.058) (0.030)
Republican -0.048

∗∗

(0.015)
Democrat -0.077

∗∗

(0.021)

Controls yes yes yes
State-year FE yes yes yes
Observations 12768 5917 6012
R-squared 0.126 0.106 0.169

Note: Gallup Poll Social Series. All linear probability models control for respondents’ gender, age, level of education, employ-
ment status, level of income, and race. Standard errors are in parentheses; + p < 0.10, * p < 0.05, ** p < 0.01.
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